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Abstract

Finding, understanding and managing software clones — passages of dupli-
cated source code — is of large interest, as research shows. However, most
methods for detecting clones are limited to a single revision of a program.
To gain more insight into the impact of clones, their evolution has to be
understood. Current investigations on the evolution of clones detect clones
for di [erknt revisions separately and correlate them afterwards.

This thesis presents an incremental clone detection algorithm, which detects
clones in multiple revisions of a program. It creates a mapping between
clones of one revision to the next, supplying information about the addition,
deletion or modification of clones. The algorithm uses token-based clone
detection and requires less time than using an existing approach to detect
clones in each revision separately. The implementation of the algorithm has
been tested with large scale software systems.
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1 Introduction

To be faster or not to be faster:
That is the question!

1.1 Software Clones

Duplication of source code is a major problem in software deslopment for
di erent reasons. The source code becomes larger [MLM96] ahmore di -

cult to understand, as copied passages have to be read and uaitood more
than once [BYM*98]. A very serious issue arises from errordyugs, found
in any of the copies. In a lot of cases, copies are not createa tbe identical
parts of code, but serve as basic structure for the new code tbe written.

This means that slight changes are made to copies like renamg identi ers

or changing constants [MLM96]. The more changes are made tche copies,
the harder they become to trace. If bugs are found in the unchaged part,
there are no sophisticated means of retrieving all other cojgs which need
to be changed as well [Bak95, DRD99, Joh94, KKI02, Kon97]. Tks might
lead to inconsistent changes of parts which are actually mea to be equal

[KNO5, Kri07].

Apart from the negative side, there is quite a diverse range bmore or less
comprehensible reasons for copying source code. The rstigking reason is
simplicity. It is often easier to copy and maybe slightly modify an existing

portion of code than rethinking and writing things from scratch. This re-

duces the probability of introducing new bugs, assuming theoriginal code
is known to work reliably [Bak95, BYM *98, DRD99, Joh94]. In highly op-
timized systems, the overhead of additional procedure cadl resulting from
an extract method refactoring [Fow99] might not be acceptable. Parts of the
code which are frequently executed are repeated instead ofeing abstracted
into a new function [Bak95, BYM *98, DRD99, KKI02]. Architectural rea-

sons, which include maintenance issues and coding style, gtit also require
the repetition of code [Bak95, MLM96, BYM™*98]. In addition to inten-

tionally duplicated code, passages might be accidentallygpeated. Uninten-
tional repetition might emerge from frequently used patterns of the program-
ming language or certain protocols for using libraries and dta structures
[BYM %98, KKI02]. Finally, non-technical issues can lead to code dplica-
tion. If a programmer is assessed by the amount of code he or shwrites, it

is quite tempting to copy portions of code [Bak95, DRD99].

Although the negative impact of copied source code passagedones, is not
yet proven and several works discuss this topic contrarily KG06, KSNMO05,




Kri07, LWNOQ7], information about the presence and evolution of clones is
of great interest to study their in uence on a system. Sever& approaches
have been presented for nding and analyzing clones. The ftdwing section
gives an overview over di erent methods used in software cloe detection.

1.2 Detecting Clones

Preventing duplication of code right from the start is a rath er illusive ob-

jective as there are diverse reasons for copying passagessofurce code as
mentioned above. Instead, a lot of e ort is spent on nding clones in exist-

ing source code using a clone detection algorithm. The terngoftware clone

detection summarizes all methods that focus on nding similar passage of

source code in a software system.

Di erent algorithms operate on di erent abstractions of a p rogram to nd

clones. The most basic abstraction is the source code itselfCertain ap-
proaches use the source text, with or without normalizing it, and nd clones
by applying textual comparison techniques [DRD99, Joh94, WMO05]. With-

out normalizing the source code, any yet so small di erenceike whitespace
or comments in source passages can prevent tools from repory clones.
Though textual comparison is relatively fast and easy to appy, the qual-
ity of the results might lack from disregarding any syntactic or semantic
information of the source code.

Other methods operate on the token string (see Section 2l 1)at is produced
from the program's source code by running a lexer on it. By knaing some-
thing about the syntax of the program, these methods are abldo abstract
from certain aspects of the source text like whitespace andext format-
ting in general. Within the string of tokens, similar substrings are searched
and reported as clones [Bak95, CDS04, KKI02, LLMO06]. The adantage of
token-based clone detection is that it performs very well, aghe source code
needs only to be converted into a string of tokens. The detedbn is also
language independent as long as there exists a lexer for tharilguage the
source code is written in. Another bene t is that the source mde does not
need to be compilable and the detection can be run in any stageuting the
development of a program.

Yet other approaches search for clones based on th&ST (Abstract Syntax
Tree) of the program. Within the AST, subtrees are compared againseach
other and su ciently similar subtrees are reported as clones. As the number
of comparisons can rapidly grow fast due to an AST withn subtrees requir-
ing n? comparisons, di erent criteria are used to select trees wtih need to
be compared against each other [BYM 98, EFM07, JMSGO7, Yan91]. Other




methods use the AST just as an intermediate result and do furher process-
ing in order to nd clones [KFF06, WSVGFO04]. As the syntactic structure

of a program is represented inside the AST, tree-based approhes are able
to report clones which are usually not detected by the previas methods.
These include for example commutative operations where therder of the
two operands has been inverted. Although the usefulness okeported clones
is increased, performance is a critical issue for tree-basetktection.

Apart from the AST, the PDG (Program Dependency Graph) might be con-
sidered for drawing conclusions about clones [KHO1, Kri01] A PDG rep-
resents the data ow and control ow inside a program. Inside the PDG,
similar subgraph structures are used to identify clones. Tk additional in-
formation that is obtained from the PDG allows to improve the quality of
reported clones. On the other hand, creating a PDG and seardhg clones
within it can be very costly. Like tree-based detection, graph-based ap-
proaches depend on the programming language of the progranmalyzed.

A rather di erent approach to nding clones is based on metrics retrieved
for syntactic units of the program [DBF *95, MLM96, PMDL99]. If certain
units are equal or similar in their metric values, they are swpposed to be
clones. This is based on the assumption, that if two units areequal in
their metric values, they are equal | or at least su ciently s imilar | to be
reported as clones. In any case, metrics have to be chosen eéully in order

to retrieve useful results.

All these approaches have advantages and drawbacks. Whichethod yields
the best results for a given scenario depends to a large extdron the spe-
ci ¢ application. A comparison of selected clone detectionmethods which
operate on di erent abstractions of a program can be found in[Bel07].

Though being quite diverse, all these approaches have in camon that they
are all targeted at analyzing a single revision® of a program. For many
applications this is the desired behavior, but still there are scenarios which
require more than the analysis of a single revision. Considag all questions
aimed at the evolution of software clones requires analyzigp more than one
revision of a program. Current approaches trying to answer golutionary
guestions about software clones usually start by analyzingeach revision of
the program separately, utilizing one of the existing detetion techniques.
After the clones have been identi ed for each revision, cloes of di erent re-
visions are matched against each other based on some de nith of similarity
[ACPMO01, KSNMO5, Kri07]. If a clone in revision i is adequately similar to
a clone in revisioni — 1, it is assumed that the clone is the same. Some of

Lwithin the context of this thesis, a revision is seen as a state of program'’s source code
at a speci c point of time



these methods are summarized in Section 4. There are howevero major
issues concerning these approaches.

e Although running adequately fast, all clone detection algaithms still
need a noticeable amount of time to produce their results. Ifa huge
amount of revisions of a program is to be analyzed, the timety, re-
quired to get results, is a multiple of the time needed to proess a
single revisiontsingle . Assuming that the time tsingie is approximately
the same for every revision, the overall time to analyzen revisions is

tan = N tsingle

The assumption is, that a lot of processing steps are repeateredun-
dantly. Intermediate results which might be reused in the aralysis of
the next revision are discarded and need to be recomputed foevery
revision, causing an unnecessary overhead. This results large parts
of the program to be analyzed over and over again for each resion,
although most parts of the source code did not change at all.

< If every revision of the software is analyzed on its own, the esults are
independent sets of clones. An important thing missing is ttle mapping
from the clones of one revision to the clones of the next revisn. The
information about the changes that happened to each singlelone is
not provided and has to be calculated later.

Figure 1l shows conventional clone detection applied to mulple revisions
of a program. Assuming that changes between revisions and i + 1 stay
in a limited range, many calculations are done redundantly. Furthermore,
the mapping between clones of revision and i + 1 is not created by the
algorithm as every revision is analyzed on its own.

The issues mentioned above and the fact that more and more qeé&ons are
directed towards the evolution of clones [HKO08] suggest a dection algo-

rithm that is designed to analyze more than one revision of a ppgram and

tries to exploit this attitude as much as possible. Having sich an algorithm

is desirable as it would most likely save huge amounts of timahen analyzing
many revisions of a program. Furthermore, it would make clores traceable
across revisions and allow analyses of the evolution of cles. This in turn

would help answering the question of the harmfulness of clags. The answer
is important, because if clones are not to be considered harfual, then the

e ort spent on nding and removing them is not legitimate.



Revision 0 Revision 1 Ce Revision n

Source Code |, Source Code Source Code |

Clone Clone Clone
Detection Detection Detection
Algorithm Algorithm Algorithm

Figure 1 { Conventional clone detection applied to multiple re-
visions of a program. Calculations are unnecessarily repeated and
the mapping between clones is unsure. Solid arrows indicate input
and output of the algorithm. Dashed arrows represent the mapping
between two clone sets.

]

Another scenario that might be thought of, is the integration of \on-line"
clone detection into an IDE (Integrated Development Environment). On-
line clone detection reports any changes of clone pairs to & user while he
or she is editing the source les of a program. This prevents he user from
accidentally introducing new clones or doing inconsistenthanges to existing
clones. The detection algorithm runs in the background and vihen the user
changes a le, the set of clones is updated accordingly and e@mges to clones
are reported to the user.

1.3 Research Questions

The overall task of this thesis is to develop and implement anincremen-
tal clone detection algorithm that requires less time for cbne detection in
multiple revisions of a program than the separate applicaton of an existing
approach. In addition, a mapping between the clones of everywo consecu-
tive revisions must be generated. To guide the developmentrad assist the
achievement of the task, a number of research questions arevgn which are
to be answered within this thesis.

1.3.1 Multi-Revision Detection

The rst part of the task addresses the time ty; which is needed to analyze
n revisions of a program's source code. The assumption is, tihdime can



be saved by eliminating unnecessary calculations resultoy from discarding
intermediate results. It is desirable to makety < n-tsingie true. Instead of
starting from the very beginning, the analysis of a revisionshould reuse and
modify results of the previous revision. This requires an oerview over all re-
sults which are produced during the clone detection procesand assessment
of whether they might serve for being reused.

Question 1 { Which intermediate results can potentially be reused to ac-
celerate multi-revision clone detection?

It is very unlikely, that reuse can happen straight away, be@ause the inter-
mediate results are not designed for being reused. It is verprobable that
certain problems arise which must be solved to make the restd reusable.

Question 2 { Which problems arise from reusing intermediate results and
how can they be solved?

After solutions have been given to the problem of reusing inermediate re-
sults, a concrete algorithm needs to be presented that puts miti-revision
clone detection into practice. The algorithm has to implement the conclu-
sions drawn from answering the previous two questions.

Question 3 { How does an incremental clone detection algorithm look like?

1.3.2 Tracing

Apart from improving the performance, clones of one revisio are to be

mapped to the clones of the previous revision. In the simpldscase, clones
remain untouched and no change happens to any clone. On the loér hand,

clones can be introduced, modi ed, or vanish due to the modication of the

les they are contained in. The di erent changes that can happen to a clone
must be summarized.

Question 4 { Which changes can happen to a clone between two revisions?

Knowing about the nature of changes, it might be possible to daw conclu-
sions about changed clones from the modi cation of intermedhte results. It
is assumed that changes can be derived and do not need to be reated in
a separate phase.

Question 5 { How can changes to clones be derived while reusing interme-
diate results?



If not all changes can be concluded from the modi cation of results, the
remaining changes have to be obtained in a post-processingegi. This re-
quires a method that is able to locate a clone from revisioni in revision
i+1.

Question 6 { How can a clone in revision i be found in revision i +17?

1.3.3 Implementation and Evaluation

It is not only required to present the conceptual ideas for ircremental clone
detection, but also to implement them. The underlying use ca&e for the
implementation of an incremental clone detection algorithm is, that given
multiple revisions of a program, the clones in each revisiomare to be detected.
It is required, that the incremental algorithm produces its results faster
than separate applications of an existing approach. As immmenting clone
detection from scratch goes far beyond the scope of this thés an existing
implementation is to be modi ed. This limits the diversity o f theoretical
and practical options that can be explored.

The existing tool which serves as a starting point for the imgementation
is the tool clones from the project Bauhaus?. The performance of the new
algorithm's implementation is tested against the performance of clones to
keep results comparable.

Question 7 { How does the new implementation perform in comparison to
clones, regarding time and memory consumption?

It is assumed, that no general statement can be made about howuch time
can be saved by using incremental clone detection. The time wost likely
depends on di erent factors which in uence the detection process.

Question 8 { Which factors influence the time required by the new imple-
mentation?

The answers to these questions are gained by developing anohplementing
the incremental clone detection algorithm. They are given & the respective
locations within this thesis.

Zhttp://www.bauhaus-stuttgart.de/



1.4 Thesis Structure

This thesis is organized as follows. Section|2 introduces thnecessary con-
cepts related to software clone detection. It explains the ne detection
process as implemented in the tootlones. Section/3 answers the questions
related to multi-revision analyses and presents an incremdal clone detec-
tion algorithm. Section /4| explains changes that can happenda clones and
describes how clones can be traced across revisions. Seotl® summarizes
the tests that have been run to answer the questions directeét the perfor-
mance of the implementation. Conclusions and ideas for futte development
are given in Section 6.



2 Background

This section introduces the necessary concepts for undeding the prob-
lem of incremental clone detection and the solution preserd in this thesis.
Section/2.1 explains tokens and token tables. Section 2.2 phains terms re-
lated to software clone detection which are unfortunately tsed with di erent
meanings by di erent publications. Therefore it is necessay to have a com-
mon understanding of these terms in order to avoid any confusn. Section
introduces the concept of su x trees. The relation between clone pairs
and su x trees is outlined in Section 2.4] Finally, Section 2.5 introduces
token-based clone detection as implemented in the toatlones by describing
the major phases.

2.1 Tokens and Token Tables

Throughout this thesis, the word token will be used frequently as clone
detection using the tool clones is based on sequences of tokens forming
clones. Aho et al. de ne a token as follows:

“[...] tokens, that are sequences of characters having a collective
meaning.” [ASU86]

A token is an atomic syntactic element of a programming langage (i.e. a
keyword, an operator, an identi er,...). In addition, clones also recognizes
preprocessor directives as tokens. A sequence of succesdiokens is referred
to as atoken string. Each token has certain properties which are accessed
in di erent stages of the clone detection procedure. Among he important
properties of a token are the following:

e [ndex : The index of the token inside the token table in which it is
contained.

e Type . Every token has a type describing the nature of the token.
Example types are+, =, while or <identifier>

e Value : Tokens which are identi ers or literals have a value in addtion
to their type. Identi ers have their actual name being the to ken's
value. Literals have the value represented by their string,for instance,
literal \ 1" has an integer value 1.

e File: The source le which contains the token.



e Line : The line in the source le in which contains the token.

e Column : The column in the source le in which the token starts.
Lines and columns are counted starting from 1.

Tokens are stored inside aoken table which holds a number of tokens along
with their properties. By using a token's index, the token table allows fast
access to the token's properties. A token table is created g a scanner or

lexer which translates a source code le into a sequence of tokens\ simple

token table is shown in Tablel 1.

Index 0 1 2 3 4
Type <identifier> = <identifier> + <number>
Value a b 3

File sample.c sample.c sample.c sample.c | sample.c
Line 1 1 1 1 1
Column 1 3 5 7 9

Table 1 { A sample token table for the input a = b + 3contained
in a le called sample.c.

2.2 Fragments and Clone Pairs

When talking about software clones, it is very helpful to have a shared under-
standing of terms and concepts used to describe clones andladons among
them. Far too often, terms like clone and clone pair are used inconsistently,
leading to confusion or requiring additional explanation whenever used.

Although the word clone is used in almost every publication related to
software clone detection, there exists no de nition and no s ciently com-

mon understanding of what is to be treated as a clone and whats not
[KAG *07, Wal07]. To avoid any misunderstanding, this thesis willnot give
any concrete meaning to the wordclone on its own. Dierent words are
used to describe related concepts. The following sectionsplain the terms
fragment and clone pair and state how they are used within this document.

2.2.1 Fragment

Throughout this thesis, the word fragment refers to a passage in the source
code. A fragment consists of a sequence of consecutive tolenHaving a
well-de ned location, a fragment can be described as a triple

10



fragment = ( File, start, end)

with file being the le in which the fragment appears, start the rst token 2
in the given le which is part of the fragment, and end representing the last
token belonging to the fragment. All tokens betweenstart and end are part
of the fragment.

A fragment on its own is not very helpful without knowing whet her and
which parts of the source code it actually equals. The relatbn between
fragments is described in form of aclone pair.

2.2.2 Clone Pair

A clone pair is the relation between exactly two fragments that are simibr
to a certain degree or even identical. A clone pair can be desbed as

clone_pair = ( fragmenta, fragmentg, type)

where fragmenta and fragmentg are fragments as described above. In
order to express dierent levels of similarity between two fragments, the

clone pair has atype in addition to the two source code fragments. Among
various descriptions of the similarity between code fragmats is the one

classifying clone pairs according to four dierent types. Type 1 to type

3 describe a textual similarity between fragments whereasyipe 4 refers to

fragments which are similar in their semantic.

Type 1 : Within a clone pair of type 1, both fragments are exactly equal
disregarding comments and whitespace. All tokens at corrgmnding posi-
tions in the two fragments are identical in their type and their value. An
example of a type-1 clone pair can be found in Figure 2.

1 int a = 0; 1 int a = 0;
2 b =a* a; 2 b =a*a; // Comment
3 string = "Peter"; 3 string = "Peter";

(a) fragmenta (b) fragmentgs

Figure 2 { A clone pair of type 1.

3For further processing of fragments | especially by humans | it might be more
helpful to give the start and end of a fragment in line nhumbers. There fore the token
information is converted to line information just before outputtingt he result.

11



Type 2 : A clone pair of type 2 consists of two fragments whose tokens
are identical in their type. In contrast to a type-1 clone pair, the values of
identi ers or literals do not need to be identical. Type-2 clone pairs are those
where source code has been copied and the names of identi ehsive been
changed afterwards. Depending on the application, it is soratimes required,
that identi ers have been consistently changed, meaning tlere needs to exist
a one-to-one mapping between the identi ers of the rst fragment to the ones
of the second fragment.Baker presented a method for nding type-2 clone
pairs with consistent changes, also referred to aparameterized duplication
[Bak97]. An example clone pair of type 2 is shown in Figure 3.

1 int a=1, 1 int d = 1;
2 b =a*a; 2 d=4d*c; // Comment
3 string = "Pan"; 3 string = "Pan';

(a) fragmenta (b) fragmentgs

Figure 3 { A clone pair of type 2 with inconsistent renaming.

In addition to type-1 and type-2 clone pairs, there are two moretypes which

describe more inconspicuous relations between clones. Tée are given for
completeness, but are not considered in this thesis due to #ir complexity

and lack of a concise de nition.

Type 3 : Type-3 clone pairs combine two or more adjacent clone pairsfo
the preceding types. These clone pairs may be separated by sith code
fragments which are not identical. The motivation for type-3 clone pairs is
to nd pairs which have been modi ed by inserting or removing tokens from
one of the fragments. Such a situation may indicate that a misake has been
found and corrected in one of the fragments, but the other frgment stayed
unchanged.

Type 4 : Between the fragments of a type-4 clone pair exists an even me
vague relation concerning the behavior of the fragments. Cde fragments
belonging to a clone pair of type 4 carry out similar tasks andare similar in
their semantic.

An important property of clone pairs is, that the relation be tween the two
fragments is symmetric, meaning that the existence of clonepair cp; =
(Fragmenta, fragmentg, type) requires the existence of clone paircp,; =
(fragmentg, fragmenty, type). Though being formally correct, the infor-
mation contained in both clone pairs is the same and therefa this docu-
ment abstracts from the order in which the two fragments apper, making
the following always true.

12



(Fragmenta, Fragmentg, type) = cp = ( fragmentg, fragment,, type)

To ease the processing of clone pairs, each pairi®rmalized upon creation.
In a normalized clone pair, it is xed which fragment is fragment, and
which is fragmentg .

For clone pairs with type < 2, the relation between the two fragments is
not only symmetric, but also transitive. From the existence of pairs cp; =

(Fragmenta, fragmentg, type) and cp, = ( fragmentg, fragmentc, type)

follows, that the pair cps = ( fragmenta, fragmentc, type) must exist.

The algorithm described in this thesis relates similar coddragments in terms
of clone pairs analogously to the toolclones. Still, other relations between
code fragments exist. Among them is the relation which groug two or
more similar fragments. This relation is usually calledclone class or clone

community [MLM96].

2.3 Sux Trees

Incremental clone detection, as described in this thesis,si based on gen-
eralized su x trees. Therefore it is essential to have an uncerstanding of
what su x trees are and how they represent su xes of strings of tokens.
Many di erent notions for strings, substrings and su x tree s have been
given [Bak93, FGM97, McC76]. This thesis follows the notionpresented in
in most parts. Although the concepts of strings and i1 x trees
are described by using strings of characters, the same appb to strings of
tokens.

2.3.1 Notion of Strings

A string X which is of length m is represented asx[0, m—1]. The character
at position i in X is denoted asX[i]. Any substring of X, containing the
characters at positionsi, i+1,...,J iswritten as X[i,jjwith0 <i<j<m.
It follows that every substring X[j,m — 1] is a su x and every substring

X[0,1] is a pre x of X. The string X contains m pre xes and m su xes.

To ensure, that no su x is a pre x of any other su x, the last ch aracter
at position m — 1 of the string is globally unique. It does not match any
other character from string X and no character from any other string. The
unique character is represented as $, respectively;$$,, ..., $, if more than
one string is used.

13



2.3.2 Nodes and Edges

A su x tree is a tree-like data structure which represents all su xes of a
given string X. Disregarding su x links, which are introduced in Section
2.3.3, the su x tree is a tree. Every leaf of the su x tree repr esents one
su x of X. This makes the su x tree very useful for solving many problems
that deal with strings. Among the many applications, McCreight was one
of the rst to create a su x tree based upon which equal substrings within
a string can be searched [McC76].

Every edge of the su x tree is labeled with a substring of X. To signi cantly
reduce the space needed by the tree, it is essential to specithe substring
by the indices of its rst and last character i and j instead of specifying the
complete substring. This way, every edge label is a tuplei(j) referring to
the substring XIi, j].

Every edge is connected to two nodes, thetart node being the node directed
towards the root and the other one being itsend node. An edge is called
internal if its end node is the start node of at least two other edges. Ithe
end node is not the start node of any other edge, then the edgesicalled
external. Note, that it is not possible for any node to have just one edg of
which it is the start node. The exception to this rule is the root node of the
tree in case ofX being the empty string $.

Two edges are callediblings if they have the same start node. An important
property of su x trees is, that no two siblings labels start w ith the same
character.

Every node except the root has aparent edge, being the edge of which it
is the end node. In addition, every node except the root has garent node
being the start node of its parent edge. For the root of the tree, parent edge
and parent node are unde ned. Thepath of a node is the string obtained
by concatenating all substrings, referred to by the edge labls from the root
to that node. Each node has apath length, which is length of its path. The
path length for the root is 0.

Like edges, a node is callethternal if it is the start node of at least two edges,
otherwise it is called external or leaf. Note that every external edge has an
external end node and every external end node has an externpharent edge.
Likewise, every internal edge has an internal end node and evy internal
node has an internal parent edge. Every external node represts a su x
of the string X which is equal to the path of that node. Therefore, a su x
tree for a string of length m must have m external nodes andm external
edges.
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A su x tree for the string X = babac$ is shown in Figure/ 4. Throughout
this document, certain things are to be considered for the \gualization of
su X trees. Squares represent external nodes, circles intsal nodes. Solid
lines are edges connecting the nodes. Though being expredsby start
and end index, labels are usually shown as readable substds to make the
understanding of gures easier. Any exceptions to these corentions are
mentioned in the description of the respective gure.

(4.5)

(4.9)

(a) Su x tree with text labels. (b) Su x tree with indices for labels.

Figure 4 { Su x tree for the string X = babac$. The path length
of every node is noted inside the node.

2.3.3 Sux Links

In order to allow faster construction, su x trees are augmented with so-
called su [xInks between nodes. If the path from the root to a node rep-
resents the substringX[i, j], then the su x link of that node points to the
node whose path represents the substring<[i + 1, j]. The su x link of the
root is unde ned.

Su x links do not only help in construction, but also allow fo r fast nav-
igation inside a su x tree. Following su x links helps itera ting over all
su xes of a given string from longest to shortest, because egry su x link
points to the node whose path represents the next smaller sux. As su x
links decrease the readability of su x trees, they will usually not be drawn
in gures within this thesis. The su x tree from Figure 4laugm ented with
su x links is shown in Figure 5.

2.3.4 Construction

For long strings and real applications, a fast constructionalgorithm for su x
trees is needed. Several construction algorithms that reque time linear to
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Figure 5 { Sux tree for the string X = babac$ augmented with
su x links (dashed arrows).

the length of the input string have been presented [Bak97, ME76, Ukk95].
The two algorithms which are implemented and used by the toolclones are
the following:

Ukkonen : Ukkonen presented anon-line algorithm for constructing su x
trees [Ukk95]. On-line refers to the algorithms property of pocessing char-
acters or tokens of the input string from the beginning to the end. At any
point of the construction, the su x tree for the part of the st ring that has
already been processed is available. There is no need to kndive complete
string upon starting the construction.

Baker (Parameterized Strings) : Baker introduced an algorithm to nd
parameterized duplication in strings [Bak97]. In addition, she presents a
modi ed version of McCreight’s algorithm, that allows construction of pa-
rameterized su x trees for parameterized strings. A parameterized string
abstracts from the actual names of identi ers, but still pre serves the order-
ing among them. This constructor is used byclones if type-2 clone pairs are
required to have a consistent renaming of identi ers.

2.3.5 Applications

The representation of all su xes of a string in form of a sux t ree allows
to run many dierent algorithms that solve common search problems in
strings in adequate time [McC76]. Some example questions &t can easily
be answered with the su x tree built for the string X are:

e Is string W a substring of X?
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e Find all occurrences of a substringS in X.

» Find all maximal matches of substrings in X.

The last question is the one that is relevant for nding clones in software.
Assuming the whole source code is parsed into one token stign the search
for maximal matches of substrings reveals code fragments #t are equal and
have therefore most probably been copied.

2.4 Clone Pairs and Su x Trees

This section describes the relation between su x trees and tone pairs. This
relation is used by Baker’s algorithm for extracting maximal matches from
a su x tree and becomes relevant when the structure of the su x tree is to
be modi ed.

Each internal node of a su x tree represents a sequence of clracters or
tokens that appears more than once inside the string from wtgh the su x
tree was built. As the sequence has at least one identical cgpit is a clone.
The token sequence of the clone is identical to the path of thénternal node.
How often the sequence appears in the string is determined bthe number
of leaves that can be reached from the internal node, becausevery leaf
represents a di erent su x of the string.

Among these clones, every pair that can be formed is a clone paas de ned
in Section[2.2. However, many of these pairs are less inter@sg, because
they are not maximal and covered by other pairs. According toBaker,

“A match is maximal if it is neither left-extensible nor right-
extensible [...]” [Bak93].

A clone pair cp = (( Filey, starty, end;), (filey, starty, endy), type) is said to
be right-extensible if the token in File; at position end; + 1 equals the token
in file, at position end, + 1. If that is the case, the match is not maximal,
because both fragments can be expanded by one token to the hy If
either end; or end; is the last token of the respective le, the match is not
right-extensible, because at least one token is unde ned.

A clone pair cp = (( Filey, starty, endy), (filey, starty, end,), type) is said to
be left-extensible if the token in file; at position start; —1 equals the token
in file, at position start, — 1. This is also not recognized as a maximal
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match. Analogous to right-extensibility, if start; or start, denotes the rst
token of the respective le, the clone pair is not said to be Idt-extensible.

There is however one problem concerning this de nition. It does not con-
sider the case where one fragment is left-extensible and thetleer fragment
is right-extensible and both fragments still contain the sane sequence of
tokens. Such situations appear in conjunction with self-sinilar fragments.
This results in clone pairs being reported as maximal althogh both frag-
ments are extensible. Because there is no satisfactory saian to this prob-
lem yet, this thesis will use the de nition as it has been pregnted.

Concerning the extraction of clone pairs from the su x tree, right-extensi-
bility does not need to be explicitly checked if only fragmerts are combined
that stem from leaves which are reached by di erent edges frm an internal
node. According to the de nition of su x trees, no pair of out going edges
from that node can share the rst character (or token) of their label. As
this token is the rst to the right and di erent for both fragm ents, the clone
pair cannot be right-extensible. If however clone pairs werdormed by leaves
being reached from the same outgoing edge, the respectiveafyments must
by de nition be right-extensible. At least by the tokens of th e outgoing edge
which they share.

Left-extensibility can unfortunately not directly be read f rom the su x tree
and must be tested upon combining two fragments. If the resuing clone pair
is left-extensible it is discarded, otherwise it is reportedas being maximal.

Having found two leaf nodesn; and n; that share a sequence of tokens
which is neither left-extensible nor right-extensible, a clae pair can be built
as follows. The value offile; equals the le information contained in the
label of the parent edge ofn;. The indicesstart; and end; can be obtained
by considering the indices ofn;'s parent edge and the path length of node
n;. The same applies to the second fragment using the node,. The clone
pair's type is determined later in a post processing step. Imortant is, that
all values can be determined in constant time.

Summing up, fragments relate to leaf nodes and clone pairs tmternal nodes
of the su x tree. Indices for these can be calculated in consant time. Figure
6 shows a maximal match in a sample su x tree.
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Figure 6 { Maximal match in the su x tree for the string babac$.
The black external nodes represent the fragments of the clone pair.
The path from the root to the black internal node shows the cloned
sequence of characters beinga. Note, that the path with label a
of the second internal node is not a maximal match, because is
left-extensible.

2.5 Clone Detection Using clones

Di erent approaches to clone detection have been briey outined in Sec-
tion 1.2 This section explains the process of token-based ahe detection
as implemented in the tool clones from the project Bauhaus. Due to the
underlying task of this thesis, the usage ofclones and the adaptation of
clones mechanisms to multi-revision clone detection is compulsory

The tool clones runs ve major phases to detect clones in a given program.
First, all source les are parsed into one large token string then the su x
tree is built for that string. Within the su x tree,  Baker’s algorithm [Bak97]
is used for nding maximal matches which are ltered afterwards in order
to discard uninteresting clone pairs. The last step consist of outputting the
resulting set of clone pairs in the desired format.

2.5.1 Tokenizing

This is the rst step in token-based clone detection and comma to every
compiler and every program that analyzes source code. All ¢s that belong
to the system in which clones are to be searched are collecteshd scanned by
a lexer into a string of tokens. The token strings of all les are concatenated
together to form a single string. This allows building a sinde su x tree
which contains the information about all su xes of all les. If a single su x
tree was used for each le, no clone pairs could be found whetée fragments
stem from di erent les. A single tree for all les ensures th at clone pairs can
be found across les. Before concatenation, a unique le teminator token
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is appended to the token string of each le. This ensures, thano fragments
that cross le boundaries are part of clone pairs. The concagnated string is
saved in a single token table that maps an index to information about the
token at that position.

2.5.2 Sux Tree Construction

After creating the token string of all tokens from the source code, the su x
tree for this string is built. Depending on the application, two construction
methods for the su x tree are available. The rst constructi on algorithm
is an implementation of Ukkonen’s algorithm [Ukk95], which directly builds
the su x tree for the token string. Although the algorithm ha s the bene't
of being on-line, this is not important for clones, because the complete string
for which the su x tree is built is available before starting the su x tree
construction.

Another su x tree constructor is available which implement s the algorithm
presented by Baker [Bak97]. The token string is rst converted into a pa-
rameterized token string. Based on the parameterized tokerstring, the
constructor builds a parameterized su x tree. This constru ctor is used
whenever parameterized clone detection is requested, batse the Ukkonen
constructor is not able to build a parameterized su x tree.

2.5.3 Extraction of Longest Matches (Baker)

In the third step, Baker’s algorithm pdup [Bak97] for extracting longest
matches from the su x tree is used to nd potential clone pair s. To reduce
the number of clone pairs that need to be processed in the falving phases,
some potential clone pairs can already be discarded. The mbgmportant
criteria for discarding clones is the minimum length they need to have. The
algorithm is already aware of this criteria and drops clone mirs which are
not long enough to be reported. The result is a list of clone pas, that all
conform to the minimum length.

2.5.4 Filtering

Though a lot of clone pairs have already been dropped duringte extraction
of longest matches, the list of pairs most probably containsa lot of pairs
that are of no interest (i.e. overlapping pairs or pairs whid span more than
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one syntactic unit as shown in Figure/ 7). To improve the resul, several
Itering phases are run.

The rst phase determines the type of each clone pair. Due to he nature of
pdup, only type-1 and type-2 clone pairs are extracted from the su x tree.
For each clone pair, the fragment's identi er tokens are cheked for equality.
If a discrepancy is found, the pair is of type 2, otherwise of ype 1.

Other lters include cutting clone pairs down to syntactic u nits, merging
type-1 or type-2 clone pairs into type-3 pairs or removing overapping clone
pairs. Depending on the lters that are applied, this step is quite time
intensive. It is not unusual, that a Iter has a worst-case quadratic time
complexity as every clone pair needs to be compared to everytlzer clone
pair.

2.5.5 Output

The last step consists of formatting the clone pairs and outpitting them in
the desired format. The information about the location of fragments needs
to be converted from token indices into lines, to make the reslt readable
for the user. Depending on the required format, each clone pais emitted
with the location of the two fragments and its type as well as is length.

1 a=a+1 1 b=Db+ 1
2 } 2 }
3} 3}
4 4
5 void do_it() 5 void undo_it()
6 { 6 {

(a) fragmenta (b) fragmentg

Figure 7 { A clone pair that is not very helpful as the token
sequence of the fragments spans more than one syntactic unit.
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3 Incremental Clone Detection

This section describes thelncremental Detection Algorithm IDA and con-
cepts relevant to it. The motivation for IDA is to have an algorithm that

analyzes multiple revisions of a program faster than the searate applica-

tion of the tool clones on each revision. The motivation is based on the
assumption that only a comparatively small amount of les change per re-
vision, causing a lot of work to be done redundantly when rermning every

part of clones. Therefore, internal results are not discarded, but reusedand

modi ed according to the les that changed for the respective revision.

The information which les have changed between any two conscutive re-
visions is given to IDA together with the source code of each revision that
is to be analyzed. IDA itself runs several phases for every revision, which
consist of preparations, processing changes and a post processing stage.

To accelerate the detection of multiple revisions, the ana}sis of revision;
must consider and reuse intermediate results ofevision;—; as much as pos-
sible. The intermediate results which can be reused are the ata that are
created during the clone detection process. A lot of this dah are not directly
part of the token-based clone detection process. Though begalso reused
as far as possible, they are not mentioned here due to their tdnical nature.

Answering Question[1, the data structures that are importart for the clone

detection process and which can potentially be reused are thtoken table,
the su x tree and the set of clone pairs. The time needed to crate these
takes a considerable amount of time of the whole detection mcess. For
this reason, they are not discarded after the analysis of a ngsion, but kept

in memory and reused for the next revision. However, some e must be

spent to make these data structures suitable for multi-revison detection.

Sections 3.1 and 3.2 answer Questidn 2 by explaining in whictvay clones’
data structures must be modi ed in order to be reused. Sectio [3.3 shows
how the incremental algorithm integrates into the analysis of multiple revi-
sions. Sections 3.4 t6 3.6 explain the di erent phases of wkh IDA consists.

3.1 Multiple Token Tables

The rst data structure which is to be reused is the token table. As les are
added and deleted from revision to revision, old tokens thatare not needed
anymore can be discarded and new tokens have to be read for neles. If
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a single table is used, problems arise when les change and ¢htoken tables
for the respective les need to be updated to conform to the n& versions.

Assuming a le is deleted, its tokens have to be removed at som point from
the token table, because otherwise the algorithm will sooneor later run
into memory shortage. Recalling that the edges of the su x tree are labeled
by the start and end index of a substring, one has to ensure, tat no label
of the su x tree references the part of the token table where tokens were
discarded. This would require checking the complete su x tree for dangling
indices upon deleting a le. Even more critical, new indicesthat denote the
same substring have to be found for every edge with invalid idices.

Apart from invalid indices, there is the problem of growing holes inside the
token table, caused by les that have been deleted. One couldry to t
new les into these spaces and Il the holes, but whatever tolen table man-
agement is used, the management overhead will most likely batolerable.
More complex methods, that remap indices to valid locationsupon request-
ing a token are of no use, because accessing a token from thekém table is
the most common action in the implementation and should theefore be as
fast as possible. Any yet so small delay in accessing a tokenilvadd up to
a signi cant amount.

These issues are the reason faDA to not hold a single token table, but
rather have one token table for every le. When a le is deleted, the token
table for the respective le can just be dropped after the su x tree has been
updated. When a le is added, a new token table is created. Thdocation of
a token must therefore be extended to a tuple file, index) instead of just
having a single index. file selects the token table for the le in which the
token is contained, andindex denotes the position of the token inside that
le. Section 3.2.2 describes how dangling references caukéy the deletion
of les are avoided.

3.2 Generalized Su x Tree

In addition to changing the token tables when les have changd, su xes
of these les also have to be added and deleted from the su x tree. This
causes the structure of the tree to change in order to confornto the new
token sequences of the changed les. Assuming concatenatedken strings
and a su x tree for the complete string as practiced in clones, every external
edge's label spans all tokens to the very end of the token stnig including
the tokens of all les following the edge's le. If the token string becomes
shorter (or longer), the label's end index of every externaledge would need
to be changed. Many parts of the su x tree have to be modi ed th at are in
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no way related to the le which has changed. It is desirable toonly modify
the edges related to the changed le and leave all other edgesntouched.

To solve this problem, IDA uses ageneralized su [xftee [GLS92] that repre-
sents su xes of multiple strings instead of just a single string. The advan-
tage of a generalized su x tree is, that algorithms exist to e ciently insert
or remove a string from the underlying set of strings and upd#e the tree
accordingly by only modifying the edges relevant for the repective le.

A generalized su x tree represents all su xes of all strings in a set of strings

= {X1,Xy,..., Xp}. It can be seen as the superimposition of the indi-
vidual su x trees of the strings in . Whenever parts of edge | abels are
equal, they can be unied into a single edge, now serving forwo or more
strings from . However, the tuples that label the edges must be expanded,
because more than one string contributes to labeling the edgs. The tuple
(i,J) which referred to start and end position inside the string is extended
to a triple also giving information to which string the indic esi and j refer.
An edge label is now a triple (X, 1,j), where i and j denote the start and
end position of a substring inX. A sample generalized su x tree for the set
of strings = {abc$;, bab$,, backs} is given in Figure(8. It should be kept
in mind, that every string X; in has a unique endmarker $;, which does
not match any other character or endmarker.

Figure 8 { Generalized sux tree for the set of strings =
{abc$;, hab$,, bacss}.

It is worth noting, that the generalized su x tree for = {X1,X2,..., Xn}
is isomorphic to the su x tree which can be constructed from the concate-
nated string X1 X5 ... Xp.
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Furthermore an important property of generalized su x tree s is, that su x

links always point to nodes that represent a su x of the same gring. By
following the su x links until reaching the root node, all su xes of a given
string can be retrieved and no nodes representing su xes fran other strings
are traversed.

Figure (9 compares a conventional su x tree for the string abc$;bab$, to a
generalized su x tree for = {abc$;, bab$,}. They dier in the labels of
the external edges. If the substringhab$, was removed from the conven-
tional su x tree, every external edge would have to be relabded. In the
generalized su x tree, only those edges whose labels end on, $vould need
to be modi ed.

(b) Generalized su x tree.

Figure 9 { Comparison of a conventional su x tree for the string
abc$;bab$, to a generalized su x tree with = {abc$;, bab$,}.

The remaining question is, which syntactic units of the anayzed program-
ming language are to be represented by the strings in . Consdering the
relation between the su x tree and clone pairs, one can notie, that the
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maximal length of a clone pair is limited by the length of a string in . If
the strings in  would represent single statements of the program, no clone
pairs could be found which are longer than a single statementwhich is
undesirable. Making strings represent syntactic blocks ke functions would
require understanding the syntactic structure of the program. This is how-
ever not given, as token-based clone detection does not giveameaning to
the sequence of tokens. Furthermore, clone pairs that span ore than one
syntactic unit might be of interest but would not be detected.

The choice was made to make each string in represent the toke string of
a single le. This allows removing or adding a single string b for a single
changed le. Furthermore, fragments can not cross le boundaries due to
the length limitation mentioned above.

One extension is made to the generalized su x tree that is spei ¢ for IDA.
Every external node of the su x tree stores references to theclone pairs of
which a fragment relates to this node. On the other hand, evey clone pair
maintains links to the two nodes to which its fragments correspond. These
bi-directional links are exploited whenever the structure d the su x tree is
modi ed and IDA requests all fragments relating to an external node. When
external nodes are removed from the su x tree due to the corresponding
su xes being deleted, fast access to the clone pairs is requed, because
these need to be changed. Note, that each clone pair is linketb exactly
two nodes, whereas each node can be linked to an arbitrary nuber of clone
pairs. Figure[10 shows how pairs and external nodes are linke

clone_pair €7

clone_pair,,

2

Figure 10 { Schematic view of bi-directional links (dotted ar-
rows) between external nodes and the fragments of clone pairs.
clone_pair; has one fragment related to nodeu and the other frag-
ment related to nodev. Likewise, clone_pair;.; 's fragments relate
to nodesv and w.
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3.2.1 Tree Construction

Unfortunately, the construction methods for su x trees tha t are imple-
mented in clones, are not exible enough to allow for fast insertion and
deletion of strings into a generalized su x tree. IDA implements unpa-
rameterized clone detection, because the impact of addingraemoving a
parameterized string from a parameterized generalized sux tree has not
been evaluated within this thesis. This makesBaker’s constructor for pa-
rameterized su x trees unusable for IDA. The constructor that implements
Ukkonen’s algorithm is also not usable, as it processes a single stringn-
line from its rst to its last character. The benet of being o n-line is not
required in our application, as parts of the string do changeafter they have
been processed once.

Instead, IDA's tree construction is based orMcCreight’s algorithm [McC76].
McCreight was the rst to give a comparatively simple algorithm for con-
structing a su x tree in linear time. In contrast to Ukkonen’s algorithm,
su xes are added from longest to shortest to the tree. While construct-
ing the tree, su x links are created and exploited in later it erations. The
drawback of McCreight’s algorithm is, that it operates \backwards" start-

ing with the longest su x. This means the whole string has to be known
upon starting the algorithm. Nonetheless, this method is ugd by IDA to
construct and modify the su x tree. There is no problem in sta rting with

the longest su x, because the program's source code is comptely available
upon starting the clone detection. Furthermore, McCreight’s algorithm can
easily be applied to generalized su x trees.

However, IDA does not follow McCreight’s original paper, but a simpli ed
version which is described byAmir et al. [AFG "93]. Amir et al. present
two procedures. One of them inserts a su x of a string into the (general-
ized) su x tree and the other one accordingly deletes a su x f rom the tree.
Assuming that all su xes of a string are added or deleted (and not a single
one on its own), both procedures take constant time. The assmption is
valid for IDA, because whenever a le is changed, all its su xes are added
or deleted. A string of length m, which can be seen as a le withm tokens,
has m su xes and can therefore be added or deleted from the sux tree
and its underlying set of strings in linear time O(m). Like with other
constructors, the generalized su x tree is augmented with s x links. A
brief explanation of both procedures is given. A detailed dscription and a
proof why they require linear time can be found in [AFG*93].

Inserting a Sux : Inserting a su x of a string into the generalized su x
tree is done by creating a new external node representing thau x together
with a new external edge. The challenge is to identify the loation where the
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new edge is to be appended. This is done by following the edgesvay from

the root as long as the tokens represented by the edge labelsrtespond to

the tokens of the su x. There is only one such path, because tte edge labels
of sibling edges all start with a di erent token. When a discrepancy is found
between the token referred to by an edge label and the corregmding token

of the su x, the location for inserting the new external edge and node has
been found.

If the discrepancy was caused by the rst token of an edge, thaew external
edge and its end node can be appended to the parent node of thadge.
Otherwise, the existing edge needs to beplit by inserting a new internal
node to which the new external edge must be appended. The newernal
edge label refers to the remaining tokens of the su x for which no match
has been found. Figure 11 shows both situations.

(a) Appending to an existing node. (b) Splitting an edge.

Figure 11 { Appending a new external node and edge to the su x
tree. Assuming the su x to be added is abcd$, the new edge and
node (dashed) can be appended to node (a). If the sux is
abce$, the edge from nodeu to v needs to be split. The new edge
is appended to the newly created internal node (b).

During the process of inserting su xes, su x links are creat ed. By using
these links, the search does not need to be started from the o node for
each remaining su x. Instead, an internal nodes serves as tle starting
point for the search to avoid redundant calculations and ensre linear time
consumption for inserting all su xes of a given string.
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Deleting a Sux : Deleting a sux is similar to adding one. It implies
deleting an existing external node and its parent edge. Finthg the node
that is to be deleted works analogous to nding the location where a new
node is to be appended. Starting from the root, edges are traarsed as long
as the tokens referenced by their labels equal the tokens fro the su x that

is to be deleted. The search ends at the external node that repsents the
su x. Again, two situations can arise. If the parent node of t he external
node is the start node of more than two edges, the external nog and its
external parent edge can be removed. If the external edge hasnly one
sibling, the sibling and the parent edge of its start node hae to be merged
after removing the external edge. This is required, becausao node except
for the root can be the start node of only one edge.

Merging two edges is the opposite of splitting them. Coming lack to Figure
[11 and assuming the dashed parts to be deleted, sub gure (a) mires no
further modi cation of the tree. When the dashed edge is rem@ed from
sub gure (b), its start node remains the start node of only one other edge.
This requires merging the edges fronu to the start node and from the start
node tov.

IDA always deletes su xes from longest to shortest. If the extenal node
representing the longest su x has been found, any other noderepresenting
a shorter su x of the same string can be retrieved by following the su x
links. This means, every following su x can be deleted in corstant time.

3.2.2 Updating Labels

There is a serious problem in modifying generalized su x trees after their
initial construction. One should recall that every edge is hbeled by a triple
consisting of file, start and end referring to a substring of tokens. Consid-
ering this, deleting les might result in edges, whose labed point to les

which are not existent any more. A solution to this problem is described by
Ferragina et al. [FGM97]. They make the following statement about labels:

“[...1 a label (X,1i,j) is consistent if and only if it refers to a
string currently in .” [FGM97]

Using this de nition, every label of a generalized su x tree must be consis-
tent at any point of time. Ferragina et al. identify three basic operations
that modify the structure of the su x tree.
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 Inserting a new external node and edge into the tree. The stdrnode
of the new edge already existed before the insertion. This ggration
appears in conjunction with the insertion of a string into ( see Figure
[11a).

= Inserting a new external node and edge into the tree. The stdrnode
of the new edge did not exist before the insertion, but was crated
by splitting an existing edge. This operation is also relatel to the
insertion of a string into  (see Figure 11b).

e Deleting an external node and edge due to the removal of a stnig from
. If the start node of the edge is the start node of only one other
edge, the other edge and the nodes parent edge have to be medge

The solution presented to keep sux tree labels consistent under these
three operations requires maintaining bi-directional links between edges and
nodes. Using these links, the labels that need to be modi ed Wwen one of
these operations is carried out, can be identi ed in constahtime. Relabel-
ing an edge implies changing the le to which the label refers This most
likely leads to changing the start and end index of the label,because the
actual sequence of tokens which is referred to by the label nai not change.

Ferragina et al. introduce three conditions which must hold at any point of
time in order to ensure, that relabeling an edge can happen iconstant time.
Satisfying these conditions might require relabeling edge although nothing
is deleted from the tree. As the tree can be kept consistent inconstant
time for an edge, keeping the tree consistent when removing atring from

requires time linear to the length of that string. More deta ils on how
exactly links are built and when edges need to be relabeled oabe found in

[FGM97].

3.3 Integrating IDA

After Sections 3.1 and/ 3.2 answered Questionh 2, the remainingections
present the incremental clone detection algorithm and answr Question3.

Before the individual phases ofIDA are described, a general view is given of
how IDA integrates into multi-revision clone detection. Recalling Figure |1,
one can observe that the same processing steps are done forckeaevision.
The analysis of each revision is independent of any other rasion. Figure
12 shows howlDA integrates into the analysis of two consecutive revisions.

The intermediate results from revision; are the tokens stored in token tables,
the su x tree and the clone pairs. These are given toIDA as input together
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ReV|S|oni ReVISIOHi+1

Source Code ; Changed Files,
A 4
)
Tokens g > Tokens
Suffix Tree , > IDA > Suffix Tree .,
Clone Pairs > » ClonePairs ,,;

Figure 12 {Integration of IDA into the analysis of two consecutive
revisions. Arrows indicate input and output of IDA.

with the les that changed from revision; to revisionj+;. Depending on
the changes of the source les, the data structures are modied in order to
conform to the source code ofevision;j+1. Again, they are kept in memory
in order to be reused for the next revision.

3.4 Preparations

After describing how IDA integrates into clone detection, the following sec-
tions will explain its internal processing. Like with most other algorithms,

certain preparations have to be made before the main part olDA can ex-
ecute. A distinction has to be made between preparations thethave to be

done only once and others which have to be done for every new vision

which is analyzed.

Initial preparations are those, that have to be done only one for every
execution of IDA. Analogous to most other programs,IDA needs to set up
various data structures which are used during the clone detetion process.
This is not further described here, because this is purely tehnical and not
part of the algorithm itself.

IDA starts by reading the directory that contains the individual revisions.
It assumes the rst directory in alphanumerical order to be the rst revision
of the program which is analyzed. As there are no intermediat results

32



to be used, everything has to be created from scratch.IDA processes the
rst revision in the conventional way as implemented in the tool clones. A
description of which steps are performed is given in sectio.5.

In contrast to preparations that have to be done only once, there are certain
things that must be done every time before a new revision is aalyzed. These
mainly consist of technical issues like resetting certain dta structures.

3.5 Processing Changes

After doing the preparations, IDA is ready to process all the les that
have changed. The overall procedure is rather simple and caiists of go-
ing through the list of changed les. Depending on the type ofthe change,
the token tables, the sux tree and the set of clone pairs are nodi ed.
Adding or deleting a le are the simple cases, processing a nihed le is
more complex. The following sections describe how the di eent types of
changes are processed.

3.5.1 Processing a New File

If a new le was added in the current revision, IDA constructs a new token
table for that le and calls the lexer in order to Il the table with the le's

tokens. After that, the le's su xes are added to the sux tre e from longest
to shortest. For every su x of the le, one new external edge is created
representing that su x. This might require splitting an exi sting edge and
relabeling edges to allow keeping edge labels consistentoiFdetails on how
to add or delete su xes, edges and nodes from the su x tree sedfAFG *93]

and [McC76].

Every edge in the su x tree carries a tag that indicates the status of the edge.
The status can be eithernew if the edge has been added to the su x tree,
reused if it was reused (see Sectioh 3.5/3) onone if the edge has not been
modi ed. Upon adding a le, all new edges are tagged as being ew, which

is important when rerunning Baker’s algorithm to retrieve clone pairs from
the su x tree (3.6.1). If required, other edges are relabeled as described in
section[3.2.2. The generalized su x tree for = {abc$;, bab$,, bacss} after
the insertion of bac$s is shown in Figure[13. Dashed edges are the ones
tagged asnew.
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Figure 13 { Generalized su x tree for = {abc$,, bab$,, bac$s}.
Dashed edges and their end nodes relate to the stringac$;. Dot-
ted arrows indicate su x links connecting the external nodes rep-
resenting the su xes of bac$s;. Note, that not all su x links are
drawn to limit the gures complexity.

3.5.2 Processing a Deleted File

Like addition, deletion of a le is rather simple. Starting w ith the longest
su X, the external edge and its end node that represents that su x are
searched and deleted. Assuming the stringpac$; is deleted from the tree
in Figure 13, the end node representing the longest su x is the one whose
path is bac$s. Deleting an edge might require merging or relabeling other
edges as described in 3.2.2. The nice thing about deletion,ishat starting
from the end node of the deleted edge, su x links can be folloved to collect
all edges which represent su xes from the le that is deleted. This can also
be observed in Figure_13. The sux links that can be followed are drawn
as dotted arrows. As every node carries a reference to its pant edge, the
edges which have to be removed can easily be obtained.

In addition, all clone pairs from which at least one fragmentis contained in
the deleted le, are removed because they do not exist any loger. Finally,
the token table for the le that is deleted can be disposed, aghe tokens are
not needed anymore.
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3.5.3 Processing a Modi ed File

In comparison to addition or deletion, modifying a le is by far more com-
plex. Basically, a modi cation of a le is processed by remoung the old
version and adding the new version of the le to the sux tree. There
are however some particularities and some thought should bgiven of what
happens to the su x tree upon modi cation of a le. Assuming t he content
of the le does not change at all, every external edge represging a su X
of the old version of the le would be deleted and the same edgénserted
afterwards for the new version of the le. The only di erence would be that
the labels of the external edges now refer to the new, insteadf to the old
version of the le. Though inserting and deleting edges is ratively fast, a
lot of work has to be done which is actually not needed. To ovesome this
problem, the concept ofreusing edges is introduced.

Starting like addition, a new token table is created for the new version of
the le and the tokens of the le read and inserted into the table. Starting
with the longest, su xes are inserted into the su x tree. How ever, there
is a big di erence in comparison to the insertion of a new le. Whenever
an external edge is to be inserted into the su x tree, its potential siblings
are compared to the edge. If there is any external sibling edg label that
references the same sequence of tokens as the new edge wouddekcept the
le terminator token which is di erent for every le) and who se label points
to the old version of the le, it can be reused. This prevents ay structural
modi cation of the su x tree. The edges label is made to reference the
new version of the le and the edge is tagged as reused. This nasave huge
amounts of calculations which would otherwise be needed inrder to modify
the su x tree. Figure 14 illustrates a situation where an edge can be reused.

If a reusable edge is found for a particular su X, there needsto exist a
reusable edge for any remaining su x which is to be inserted nto the tree.
Once more, the su x links can be traversed starting from the end node of
the reusable edge until the root node is found. Every parent ége of the
nodes that are traversed can be reused and no more modi catio has to
be done to the tree except for changing le references in edgkabels. For
example, Table 2 shows the old and new version of the tokens af le where
the second token with index 1 has been changed frora to b. The su xes
[i,3] with 2 < i1 < 3 do not require a structural modi cation of the su x
tree, because these su xes already existed in the old versioof the le. Only
the labels of the edges have to be adapted.
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(3,7,9

v O

Figure 14 { A situation where an edge can be reused. The index
of the old version of the le is 3, the new version has index 4. If the
new external edge with label (47,9) (dashed) is to be appended
to node u, the edge fromu to v can be reused by making the label
reference le 4 instead of 3. This assumes, that the tokens 7 and 8
in the old version of the le equal tokens 7 and 8 in the new version
and that token at index 9 is a le terminator token, which is the
case as every external edge needs to end in a le terminator token.

1 (4,7,9)

1,2,3)

Index i 0112 3
Old version |b|a|c| $s
New version |b | b|c | $

Table 2 { The old and new version of a token string. The token
at index 1 has been changed frona to b.
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One might already have recognized, that the time that can be aved heavily
depends on the location of the tokens which have changed frorthe old to
the new version. Due to the nature of a su x tree, the closer a dange is to
the end of the string, the less there is to gain from reusing eges. The token
at position i belongs toi + 1 su xes. If that token is changed, m — (i + 1)

edges can be reused whemn denotes the length of the token string. The
closeri gets tom, the less there is to reuse.

After inserting the new version of the le, the su xes of the o Id version
of the le need to be removed from the tree by deleting the coresponding
external edges. The edges are once more traversed by followji the su x
links that connect the end node of these edges. Whenever an gélis removed
from the tree, the consistency of the tree must be preservedThis is done by
relabeling edges as described in section 3.2.2. Furthermerdeleting an edge
might require merging two edges if the deleted edge had onlyre sibling. For
any edge deleted this way, the clone pairs related to this edgare removed as
the fragment represented by the edge's end node does not ekisny longer.
As soon as an edge tagged as reused is found, the procedure ¢arminate
because any following edge has also been reused as describadier.

Figure[15 shows the su x tree for = {abc$;, bab$,, bbc$s} after changing
le bac$s to bbc$s. Two edges can be reused, because the respective su xes
did not change. Note how the su x links connect all nodes representing
su xes of the string bbc$; and allow for easy traversal of these nodes.

3.6 Post Processing

When all changed les have been processed, the token tablesd the su x
tree conform with the new revision of the program analyzed. Hwever, the
set of clone pairs does not. To make the clone pairs comply wit the new
revision, two post processing steps are required.

3.6.1 Searching New Clones

When new les have been added or any le has been modi ed, the s x tree

contains edges tagged as new. As the end nodes of these edgeghtirelate
to fragments which form new clone pairs, these pairs have to éretrieved. It
is important to note that new clone pairs cannot only be formed among new
edges and their end nodes. Any new end node might also form aarie pair
with an end node of an edge that is not tagged as new. Thereforéhe huge
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Figure 15 { Generalized su x tree for = {abc$,, bab$,, bbcss}
after le bac$s has been modi ed tobbc$;. Dashed edges show the
edges that were reused, because the su xes$; and $;, represented
by the edge's end nodes, did not change. Dotted arrows indicate
su x links connecting the external nodes representing the su xes
of bbc$s. Note, that not all sux links are drawn to limit the
gures complexity.

amount of possible combinations inhibits a specialized seah for potential
clone partners for every new edge.

Instead, new clone pairs are retrieved by rerunningBaker’s algorithm on
the whole tree. But in comparison to its original version, the algorithm now
only reports clone pairs where at least one of the fragmentselates to the
end node of an external edge tagged as new. This modi cationresures,
that no clone pairs are reported which are not related to at lest one new
node and which therefore have been extracted before. The rak is a set
of potentially new clone pairs of which at least one fragmentdid not exist
previously.

3.6.2 Filtering

Analogous to processing the rst revision, the resulting sé of potentially
new clone pairs is ltered to match the criteria speci ed by t he user. Pairs
that do not conform to the Iter criteria are dropped and not ¢ onsidered
any more.

Apart from ltering the new clone pairs, the set of existing clone pairs has
to be reviewed. All these pairs have to be checked for left-exnsibility

once more, because changing les and modifying the su x treemakes the
initial left-extensibility check invalid. Any clone pair mi ght have become
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left-extensible due to a changed token sequence in changedes. If a pair is
found to be left-extensible, it is deleted, because of not bag maximal any
longer.

The new clone pairs which have not been discarded by the lIterare inte-
grated into the set of existing clone pairs and the result repesents all clone
pairs which exist in the revision that is currently analyzed.

Finally, a number of clean-up actions are performed, which ag not described
here in detail due to their technical nature. It is worth noti ng, that all data
structures now completely conform to the current revision which has just
been analyzed. The token tables, the su x tree and the set of tone pairs are
exactly complying to that revision and no relics from previous revisions exist.
After everything is done, IDA processes the next revision or terminates if
no more revisions are to be analyzed.

39



40



4 Tracing

The evolution of clones has an important role in understanding and estimat-
ing the impact of clones on a software system [HK08]. During lie last years,
several approaches have been presented to analyze clonesiomore than one
revision of a program [ACPMO01, AVMP02, DER07, KSNMO05, KNO05, Kri07].
Applications range from simple quantitative measurementsto more complex
guestions directed at the relation between clone pairs or @sses, i.e. consis-
tent or inconsistent changes of fragments within a class or gair. A short
summary is given of how clones are traced in di erent works.

Antoniol et al. presented a method to analyze the evolution of clones quan-
titatively over multiple revisions of a program [ACPMO01, AV MP02]. The
average amount of clones per function is measured for di enat revisions
of the program. Based on the results, a model is created to prict how
the clones further evolve. Clones of function granularity ae detected by
comparing functions according to their metrics. However, his approach
just considered the total amount of clones and does not creat a mapping
between clones of di erent revisions.

Kim et al. studied clone genealogies in 2005 [KSNMO05, KNO5]. By tracon
clone classes over multiple revisions, a genealogy for eachthose classes can
be constructed. The matching between clones of di erent reisions is done
by a heuristic function which measures the location overlaping of both
fragments. The more the locations of a cloned fragment in oneevision
overlaps with a cloned fragment from another revision, the nore likely both
fragments are the same clone. FurthermoreKim et al. de ne dierent
patterns to describe the evolution of clone classes.

A study of consistent and inconsistent changes to clones wadone by Krinke
[Kri07]. A format for describing the location and extent of a code change
from one revision to the next is presented. All changes in thesource text of
one revision to the next are expressed in that format. Each ofhese changes
is analyzed, whether its location is embedded or at least ov&aps with the
code fragment of a clone. Based on the outcome, informationteut whether
clone changes are consistent or inconsistent can be gained.

Duala-Ekoko and Robillard introduced Clone Region Descriptors (CRDs)
[DERO7]. A CRD is an abstract representation of the location of a clone
in the source code. Looking at the abstract syntax tree of anyrevision of
the program, a search routine tries to retrieve the clone basd on the CRD.
The CRD stores a clone's location not by absolute informatia about source
code lines which the clone spans, but rather by naming syntde structures
which contain the clone. This allows nding clones although they might
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have moved due to the insertion or deletion of source code las from the
respective le.

Balint et al. presented a visualization method for the evolution of clone
classes [BMGO06]. TheirClone Evolution View shows the timeline for a
single class and enriches it with information about the dateand authors
that changed source code lines of the clones. They retrieveath about the
changes made to the clones from the version control systelﬁVSW.

Running the incremental clone detection algorithm as desdbed in the pre-
vious section still yields independent sets of clone pairs.There is no gain
concerning the mapping between clone pairs of individual reisions in com-
parison to the separate application ofclones to each revision. One way to
obtain the mapping is matching clone pairs of di erent revisions after the
creation of the sets. If a match of two su ciently similar clo ne pairs is
found, it is assumed that these pairs are essentially the saem However, this
approach can be very costly for large sets of clone pairs du@tthe quadratic
nature of the matching phase.

The integration of tracing clone pairs across revisions inb IDA is based
on the assumption, that changes of clone pairs can be deriveftom the
modi cation of the su x tree. This reduces the amount of clon e pairs that
need to be matched afterwards.

In addition to mapping clone pairs, the change that happenedto each pair
is to be reported. Although this could be calculated afterwads by com-
paring each clone pair to its representation in the previousrevision, it is
assumed that time can be saved by concluding changes from th&u x tree
modi cation.

To enable mapping clone pairs on the one and reporting changeon the
other hand, the notation of a clone pair is to be extended. Eal clone pair is
assigned a uniquelD which allows locating the same clone pair in di erent
revisions. Furthermore, each clone pair carries a tag whichindicates the
changes that happened to the clone pair from the previous to lte current
revision.

This section is organized as follows. Section 4.1. describeli erent changes
that can happen to a clone pair between two revisions. Sectini4.2 discusses
why these changes are ambiguous. Section 4.3 outlines howating clone
pairs integrates into IDA and how changes to clone pairs are derived from the
su x tree. Finally, Section 4.4 explains how remaining pairs are matched.

“http://www.nongnu.org/cvs/
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4.1 Changing Clone Pairs

When the source code of a program changes from one revision tbhe next
due to les that have been changed, clone pairs within these les might also
be a ected. Basically, there are three types of changes thatan happen to
a clone pair apart from the fact, that a pair can remain uncharged between
two revisions.

A clone pair can beadded from one revision to the next. The clone pair that
is found in the current revision did not exist in the previous revision. This
might be due to new les that are added to the program or the mod cation
of existing les changing the sequence of tokens.

Furthermore, a clone pair can bedeleted. The pair existed in the last re-
vision, but cannot be found in the current revision. The deldion of a pair
can be caused by the deletion of a le from the program or a chage of the
token sequence.

Beyond addition and deletion, a clone pair can bemodified from one revision
to the next. The clone pair existed in the previous and still exists in the
current revision. However, the pair has changed in some wayThree di erent

types of modi cations that can happen to a clone pair are disinguished.
They do not exclude each other, hence they can appear togethdor a single
clone pair. The three types are the following.

4.1.1 Location Modi cation

A location modi cation has happened to a clone pair if the start or end

position of at least one fragment has changed. The locationfea fragment is
modi ed if the value for start or end does not equal the previous value. Note,
that if the location in terms of tokens changed, this does notnecessarily
mean, that the location also changed in terms of lines and vie versa. IDA

considers both measurements. If the fragment's position h& changed in
tokens and/or lines, this is seen as a modi cation of the fragnent's location.

An example for a location modi cation can be seen in Figure 16

4.1.2 Type Modi cation

The next type of modi cation refers to the type of the clone pair. When the
values of tokens are changed within a fragment, this can leado a change
of the clone pairs type from type 1 to type 2 or the other way round. A
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1 // Comment 1 do_it();
2 do_it(); 2 a=0>b+ ¢
3 a=>b+ ¢ 3 name ="Peter™;
4 name ="Peter"; 4 // Comment
(a) Old version (b) New version

Figure 16 { A fragment whose location was modi ed in terms of
lines. Assuming, that the fragment consists of line 2 to 4 in the
old version, the fragment spans lines 1 to 3 in the new version.
Note that the location has not changed in terms of tokens because
whitespace and comments are not considered to be tokens.

type modi cation is shown in Figure 17| One of the clone pairs fragments
is changed by renaming identi ers. This changes the clone pas' type from
1to 2.

1 do_it(); 1 do_it(); 1 do_it();
2 a=>b+ ¢ 2 a=>b + c; 2 a=a+ ¢
3 a=3%*a; 3 a=3*a; 3 a=3*b;
(a) fragmenta (b) Old version (c) New version
of fragmentg of fragmentg

Figure 17 { A clone pair consisting of fragments A and B. When
fragmentg changes to the new version, the type of the clone pair
is modi ed from 1 to 2.

4.1.3 Structural Modi cation

The remaining type of modi cations is the one that changes the actual
sequence of tokens of a fragment by inserting or deleting tans. If a clone
pair's structure is modi ed, the same tokens are inserted orremoved from
both fragments belonging to the clone pair. Regarding otherworks, this
situation is referred to as a consistent change of the clone pair [ACPQ7,
KSNMO5, Kri07].

Summarizing the changes, the answer to Question 4 is, that alene pair
can be added, deleted, modi ed or remain unchanged from oneewision to
the next. Modi cation is further classi ed into type, locat ion and structural
modi cation. A simple taxonomy for changes of a clone pair isshown in
Figure [18.
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Change

| |
Added Deleted Modified

Location Type Structure

Figure 18 { A simple taxonomy for the changes that can hap-
pen to a clone pair between two revisions. Italic names indicate
modi cations that do not exclude each other.

4.2 Ambiguity of Changes

Unfortunately, changes of clone pairs are ambiguous, becae the informa-
tion, that the new version of a le is di erent from the old ver sion does not
yield the exact changes which have been made to the source cadBy just

analyzing two snapshots of a le, the actions that have realy been performed
by the author who changed the les are still unknown. The author might

have deleted and rewritten everything between the two snaplsots available,
and from an external view, no change has occurred to the le. Though being
quite obvious and not much of a problem in this simple case, me@ complex
scenarios su er from this lack of information.

Figure shows two snapshots of code where the actual changannot
be reconstructed. Disregarding whitespace, the author cdd have inserted
call _bar(); at the end of the fragment. On the other hand, the last call
call _foo(); could have been deleted anctall _foo(); and call _bar();
been inserted at the beginning. If lines 1 and 2 in the rst revision form the
fragment of a clone pair, it cannot be said whether this fragnent is spanning
lines 1 and 2 or lines 3 and 4 in the second revision.

1 call_foo(); 1 call_foo();
2 call_bar(); 2 call_bar();
3 3 call_foo();
4 call_foo(); 4 call_bar();
(a) Revision 1 (b) Revision 2

Figure 19 { Two revisions of source code. What exactly happened
from the rst to the second revision can not be reconstructed.
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Considering these ambiguities, any conclusions about clapair changes are
guesses and re ect the action which has most likely been pesfmed by the

author. The less changes to the source code an action implieshe more

likely has the action been done by the author. Information alout how this

is quanti ed is given in Section [4.4.1. Based on the restriced information

about changes to the source code, the actual action can neiér be derived
from su x tree modi cations nor from matching clone pairs af terwards.

4.3 Integration into  IDA

This part explains how tracing clone pairs is integrated into IDA. Further-

more, it answers Question 5 by describing how clone pair chages can be
derived during the incremental clone detection. The algorihm presented
in Section[3 is slightly modi ed to allow tracing clone pairs. Whenever a
clone pair was said to be deleted in Section |3, it rather has & status tag
set to deleted but is not yet removed from the set of clone pas. This is
needed, because it might later turn out that the clone pair was not deleted
but modi ed instead. The remaining part of this section desaibes how each
of IDA’s phases is extended.

After the analysis of the rst revision and the creation of th e initial set
of clone pairs, each pair is assigned a unique ID. This allows distinguish
clone pairs based on their ID. Each clone pairs' status is seb added, because
understandably, it has been detected for the rst time in the rst revision.

As for the preparations that have to be done for every revisio, the set of
clone pairs resulting from the last revision has to be prepaed for the analysis
of the current revision. This requires looking at each pair h the set. Every
clone pair that has its status set to deleted is now nally removed from the
list, as it has been reported as deleted in the last revision red is no longer
needed. Every other clone pairs status is set taunchanged which re ects
the default assumption, that nothing has happened at all.

When a deleted le is processed, all clone pairs from which ateast one frag-
ment is contained in the le, are tagged asdeleted. They are not discarded
yet, because they need to be reported as deleted in the post pcessing step
for this revision. They are nally disposed in the preparation of the next

revision as mentioned above. Addition of a le does not requie looking at

existing clone pairs, because until rerunning theBaker algorithm, no clone

pair can exist of which a fragment is contained in the new le.

In the description of processing modi ed les, the concept d reusing edges
has been introduced. Reusing an edge is the opportunity to dése changes to
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clone pairs of which one fragment relates to the edge's end we. Whenever
an edge is reused, it is quite probable that the fragments whih relate to the
edge's end node are unchanged. As no modication has been derto the
su x tree, the sequence of cloned tokens (the path of the edgs start node)
is unchanged and the distance from the end of the fragment tote end of
the le remains the same.

However, the fragment might have moved, because tokens haveeen inserted
before the fragment or tokens are located in di erent lines row. That is
why for every fragment related to a reused edge's end node, #hlocation
is checked again in terms of tokens and lines. If values diera location
modi cation is reported for the clone pair. Independent of whether the
location changed, the fragment is made to reference the newevsion of the
le, because the old version will be deleted later. After inserting the new
version of the le, edges that are not reused and relate to su xes of the old
version, are removed from the su x tree. For any edge deletedthis way, the
clone pairs related to this edge are marked as deleted.

Unfortunately, any other change to clone pairs cannot easyl be concluded
from the su x tree modi cation. Minimal changes of fragment s can move
the respective nodes to a completely di erent location in the sux tree.
Assuming for example, that the rst token of the fragments of a pair change,
the new external nodes will be found in a completely di erent branch of the
su x tree. Any approaches to detecting these changes from tte tree are far
too time consuming, because in the worst case scenario the wie tree would
have to be searched for matching nodes.

Figure[20 shows the generalized su x tree with = {cabc$;, bcabh$,}, which
was obtained by inserting tokenc in both les and updating the su x tree
for = {abc$;,bab%,} (see Figure 9b). Note how the nodes relevant for
the clone pair ab (respectively cab after the modi cation) have moved in the
tree.

During the post processing phase, the type of every clone paivhich is not
tagged as deleted, is checked. This is done by determining écurrent type
of the pair and comparing it to its old type. If they are found t o be di erent,
a type modi cation is reported for that pair.

The remaining problem is, that a lot of clone pairs have been rarked as
deleted in the previous steps and many new clone pairs have be detected
while rerunning the Baker algorithm, due to minimal changes in the se-
qguence of tokens or location of fragments. Although it is tebnically correct
to report these pairs as deleted and the new version as addedhis does
not re ect the real change that has happened. Instead, it is dasirable to
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Figure 20 { Generalized su x tree with = {cabc$;, bcab$,}.
The grey colored nodes represent the clone pair with the token
sequenceab as it was in the tree with = {abc$,,bab$%,}. The
structurally modi ed clone pair cab is represented by the black
colored nodes. The nodes appear in a completely di erent branch
in the tree, after the token ¢ has been inserted in both les and
the su x tree has been updated.

have these clone pairs reported as modi ed instead of the oldersion being
deleted and the new version added. The following section desbes how
IDA matches pairs after changed les have been processed to ndikely
modi cations.

4.4 Matching Clone Pairs

Matching di erent source code fragments is not special tolDA and di erent
approaches exist [KNO6]. This section answers Question 6 bgescribing
how IDA matches clone pairs of two consecutive revisions to nd chages.
The starting point are two sets of clone pairs. One contains & clone pairs
from revision i which have been tagged as deleted. The other contains all
clone pairs that have been newly detected in revision + 1. The problem
which is to be solved, is to nd two clone pairs (one from each st) that
are su ciently similar according to some de nition. These are reported as
a modi cation instead of an addition and a deletion.
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4.4.1 Distance Between Clone Pairs

The problem suggests a function to measure how similar two one pairs are
and answer the question how likely one pair is the modi catian of the other.
From now on, this value is referred to as thedistance between two clone
pairs. The greater the distance, the less likely is the one gaa modi cation
of the other. With CP being the set of all clone pairs, the required function
is of type:

distance : CP xCP - Ny

Due to the quadratic nature of the matching routine, there is a signi cant
number of calls to this function for large clone pair sets. Ths imposes a
strong restriction on the complexity of the function.

Two factors can be identi ed that contribute to the similari ty of clone pairs.
The rst factor is the structure of the token sequence repregnted by the
pairs. If the structure is almost the same, the assumption ttat one pair is
the modi cation of the other, is probable. If on the other hand, the token
sequences of both pairs show huge di erences, the pairs areds likely a
modi cation of each other. The second factor is the di erence in location of
the clone pair's fragments. The greater the di erence betwen the locations
of the fragments, the greater the distance between the two pias. The value
of the distance between two clone pairs is to be obtained by awidering the
di erence in location and structure of the clone pair's fragments.

There are a number of methods that can be used for quantifyinghe dif-

ference between two strings of tokens. An easily applicabléunction is the

Hamming distance [Ham50], counting the number of positions where the
two strings di er. The problem of the Hamming distance is, that it cannot

recognize shifted characters or tokens in a string. The disince between the
strings abcdef and fabcde has the maximal value 6, although both strings
share a common sequence of 5 characters. This makes the Hanmyidis-
tance unusable as it does not represent the distance betweearione pairs as
required.

Another measure would be calculating the length of the longst common
subsequence between the two strings. Like the Hamming distece, the result
can easily be in uenced by the insertion of single tokens. Gien the strings
abcdef and abcgef, the length of the longest common subsequence is 3,
although the strings are identical except for one token.
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A more sophisticated way to express the distance between twetrings is the
edit distance, counting the number of basic operations whib must be per-
formed to turn one string into the other. The values producedby the method
presented byLevenshtein [Lev66] would much better resemble the structural
di erences between the token sequences. Unfortunately, ta quadratic time
complexity of the function calculating the Levenshtein distance makes the
method unsuitable for the integration into IDA.

The only structural information about the token sequences,that requires
constant time to be calculated, is the length. Therefore, the di erence in
length of the token sequences contributes to the di erence bthe clone pairs.
Although this serves as a prototypical solution, future resarch is to be
directed at nding a better solution to measuring the struct ural di erence
between two strings of tokens.

On the other hand, the dierence in the fragments' locations can be re-
trieved in constant time. IDA adds up the di erence between the starting
positions of fragmenta and the di erence between the starting positions of
fragmentg for both pairs. The more the starting positions of the fragments

di er, the greater is the distance between the two pairs. The di erence of

the end positions is not considered, because it is indiregflincluded by con-

sidering the length of the pairs. All di erences are equallyweighted, because
it is assumed that the probability that a fragment moves equds the proba-

bility that the clone pair's length is changed. It is ensured, that the distance

between a clone pair and itself is always 0. The function usetly IDA is as

follows.

distance(cpy, cp2) |Startfragment Acpy startfragment Acpy |

+

|Startfragment Bepy startfragment Bcp2|
[lengthep, — lengthep, |

+

It must be mentioned, that this function is by far not optimal . It might

reveal changes although a fragment has been removed and a gtturally

completely di erent fragment just happened to be moved in its place. This
indicates the need for more detailed information about chages. Information
about changes based on les proves to be too imprecise.
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4.4.2 Matching Procedure

For nding best matches between clone pairs, one has to keemimind, that
a match has to be best in both directions. Assume the followig possible
matches among clone pairs:

distance(clone_pairg, clone_pairy) = 12
distance(clone_pairg, clone_pairs) = 37
distance(clone_pairy, clone_pairy) = 2
distance(clone_pairy, clone_pairs) = 142

If possible matches were processed sequentiallglone_pairy would be re-
ported as a modication of clone_pair,, becauseclone_pair, is the best
match for clone_pairg. The match between clone_pair; and clone_pair,,

which has a much lower distance, cannot be reported anymorebecause
clone_pair, has already been matched with another clone pair. To avoid
such situations, which can lead to obscure modi cations of tone pairs, naive
sequential processing cannot be done.

The method to nd changed clone pairs processes as follows.ifst, all po-
tentially deleted clone pairs are sorted into di erent sets. Each set contains
all clone pairs for a speci ¢ combination of the les in which the fragments
appear. A pair with the rst fragmentin le sample.c and the second frag-
ment in le test.c is putinto the set which collects all clones pairs between
the les sample.c and test.c . It is worth recalling, that clone pairs are
normalized and therefore the combination of the rst fragment being in le
test.c and the second insample.c is impossible.

Like the deleted clone pairs, the new clone pairs are sortechio sets in the
same way. This presorting is done to reduce the number of podde matches
between clone pairs. The restriction is, that a change to a dne pair can
only happen if the fragments stay in the same les. A modi cation of a pair
where at least one fragment has moved to another le is alwayseported as
a deletion of the old and an addition of the new pair.

After sorting, the sets of new clone pairs are sequentially ppcessed. The
pairs of each set are matched with the pairs of the corresporidg set con-
taining the deleted pairs. Matching is done by comparing eals new pair to
every old pair and calculating the distance between them. Tosigni cantly
reduce the time needed by this step, a threshold has been imiduced which
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represents the maximal distance two clone pairs are allowetb have. If the

distance between any two pairs is above the threshold, the pes are not

considered as a possible match. The threshold is user-selable, because no
general statement can be made about how extensive changes dbne pairs
can be for a speci ¢ program. A senseful value has to be chosetcording

to the nature of the program. For the tests presented in Sectn[5, a value
of 100 has been chosen. Assume the example matches as giveroabwith

clone_pairg and clone_pair; being potentially deleted and clone_pair, and

clone_pairz being potentially new.

Posterior to calculating the distances, all possible matclkes are sorted accord-
ing to their distance. The list of possible matches is now astsown below.
One possible match has been dropped, because the distancesaabove the
threshold. The other matches have been sorted according toheir distance.

distance(clone_pairj, clone_pairy) = 2
distance(clone_pairg, clone_pairy) = 12
distance(clone_pairg, clone_pairs) = 37

Starting with the match that has the smallest distance, modi cations are
reported. The new clone pair adopts the ID of the old pair and as its status
tag set to modi ed instead of added. Modi cations of the pair are reported
according to the comparison of the old pair to the new pair. Ifthe location
of the new pair is di erent from the old, a location modi cati on is reported.
If the type diers, a type modi cation has happened to the pair. Finally,
the sequence of tokens is checked for equality and if not equad structural
modi cation is reported for the pair. Concerning the example, clone_pair,
is reported as a modi cation of clone_pair; and clone_pairs is reported as a
modi cation of clone_pairg.

A single clone pair can be contained in more than one possiblmatch, but
still can be matched only once. To prevent pairs from being mé&ched more
than once, every deleted clone pair that has been matched wita new one is
marked an invalid. Whenever a pair marked as invalid is found the possible
match is not considered. In the example, the match betweewrlone_pairg and
clone_pair; is not considered, becauselone_pair; has already been matched
before. When all clone pair sets have been processed, the oak set of clone
pairs is updated with the new modi cations.
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45 |IDA in Pseudocode

The di erent phases run by IDA have been explained in the previous sec-
tions. To serve as an overview over the concepts introducechi Sections/ 3
and |4, a pseudocode version dfDA is given. The pseudocode includes the
actions required to allow tracing clone pairs. This is howeer only a rough
outline to show the general structure.
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Analyze revision 0 in the conventional way;
for revisions 1 .. n loop

Discard all deleted clone pairs;
Tag remaining clone pairs as unchanged;

for every changed file loop

if file is added then
Create token table from new file;
Insert file into suffix tree;

elsif file is deleted then
Tag all clone pairs related to file as deleted;
Delete file from suffix tree;
Discard files token table;

elsif file is modified then
Create token table from new version;
Insert new version into suffix tree

(if possible, reuse edges and derive changes);

Delete old version from suffix tree;
Discard token table of old version;
end if;

end loop;

Check left extensibility of existing clone pairs;
Find type modification of existing clone pairs;
Run Baker to find new clone pairs;

Filter new clone pairs;

// Match clone pairs to find changes
Partition deleted and new clone pair into buckets
for each bucket

Calculate distance for each combination of pairs;

Sort possible matches according to their distance;
Report changes starting with smallest distance;
end loop;

Integrate new clone pairs;
Output list of clone pairs;

end loop;

Figure 21 { The Incremental Detection Algorithm IDA for ana-
lyzing n + 1 revisions of a program.
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5 Evaluation

In addition to specifying the algorithm, IDA has been implemented in the
tool called iClones (incremental clones). iClones is a derivation from the

tool clones from the project Bauhaus. The infrastructure of clones was
inherited and modi ed in the appropriate places. Apart from integrating

the multi-revision analysis, the important data structures were modi ed to

be useful foriClones. The main points were replacing the single token table
with multiple token tables and extending the su x tree to a ge neralized
Su X tree.

This section describes the tests, that have been run withiClones in order
to nd and answer to Question[7/and show that the tool works as &pected.
Section/5.1 describes the test candidates on whiciClones was run. Section
summarizes the tests that were done to check thaiClones works as
expected. Section 5.3 answers Questidn 7 by comparirig€lones’ to clones’
performance.

5.1 Test Candidates

For testing the IDA implementation, three candidate programs have been
chosen, which dier signicantly in size. The criteria for c hoosing these
programs were:

e The program's source code is easy accessible via the worldde web.

e Multiple revisions of the program are available (not only the latest
release).

e The program has a signi cantly di erent size than the other t est can-
didates.

The following sections describe the three candidates whichave been chosen
to compare clones to iClones.

5.1.1 GNU Wget

GNU WgetE, from now on referred to aswget, is a small program for down-
loading les from the world wide web. The program is the smallest among

Shttp://www.gnu.org/software/wget/
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Index | Revision Date
0 | wget-1.11 | 2008-01-26
1| wget-1.11.1 | 2008-03-24
2 | wget-1.11.2 | 2008-04-30
3
4

wget-1.11.3 | 2008-05-29
wget-1.11.4 | 2008-06-29

Table 3 { wget Snapshots.

the three test candidates with approximately 25,000 SLOCS. The revisions
used for testing are shown in Table 3.

5.1.2 GNU Compiler Collection

The middle-sized test candidate is the GNU Compiler CollectionE (gco).

In addition to the well-known compiler, the collection serves front-ends for
several languages. For testing, only the core part of the ct#ction is used
(gce-core), which consists of around1,000,000 SLOC. The gcc source code
is available via repository access or by downloading weeklgnapshots. The
revisions used for testing are shown in Tablé 4.

5.1.3 Linux Kernel

The third and largest among the candidates is theLinux kernel® (kernel).
The Linux kernel is a freely available operating system kerel, enhanced by
huge amounts of hardware drivers. The kernel size ranges fmo 3,600,000
to 5,600,000 SLOC. The revisions used for testing are shown in Tablée 5.

5.1.4 Candidate Size

Table6/compares the size of the three test candidates measd in SLOC. For
each program, the minimum and the maximum number of SLOC is gven.
The di erence in size among the test candidates can clearly b observed.

5Throughout this thesis, the size of programs is measured in Source Lines of Code
(SLOC) using the program SLOCCount (http://www.dwheeler.com/sloccount), written
by David A. Wheeler.

"http://gce.gnu.org/

8http://www.kernel.org
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gce-4.4-20080222
gce-4.4-20080229
gce-4.4-20080307
gce-4.4-20080314
gcc-4.4-20080321
gce-4.4-20080328
gce-4.4-20080404
gce-4.4-20080411
gce-4.4-20080418
gce-4.4-20080425
gce-4.4-20080502
gce-4.4-20080509
gce-4.4-20080516
gce-4.4-20080523
gce-4.4-20080530
gce-4.4-20080606
gce-4.4-20080613

2008-02-22
2008-02-29
2008-03-07
2008-03-14
2008-03-21
2008-03-28
2008-04-04
2008-04-11
2008-04-18
2008-04-25
2008-05-02
2008-05-09
2008-05-16
2008-05-23
2008-05-30
2008-06-06
2008-06-13

2008-06-20

gce-4.4-20080620

Table 4 { gcc Snapshots.

Looking at Table [7, which shows the candidates' size in numbeof source
les, one can observe, that the relation among the test candiates remains
the same. For any of the following observations, only sourceles of the
candidate programs are considered. Any les belonging forxxample to the
build system or which are documentation are completely igneed.

5.1.5 Changes per Revision

Reading the descriptions about the three test candidates, e can observe
that there is a signi cant di erence in how and which revisions of each
program are used. Needless to say, that revision is everything but a
precise measurement of changes to a program's source codehelamount of
changes that happen between two revisions in uences the tira needed by
iClones. Therefore, another look must be taken at the three test candlates.
Figure 22 shows the percentage of source les that changedifeach revision
of the three programs. Revisions are referred to by an indextarting from 0.
The rst revision is not shown, due to the fact, that there exi sts no previous
revision from which les could have changed.
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Index | Revision Date
0 | linux-2.6.0 | 2003-12-18
1| linux-2.6.1 | 2004-01-09
2 | linux-2.6.2 | 2004-02-04
3 | linux-2.6.3 | 2004-02-18
4 | linux-2.6.4 | 2004-03-11
5| linux-2.6.5 | 2004-04-04
6 | linux-2.6.6 | 2004-05-10
7 | linux-2.6.7 | 2004-06-16
8 | linux-2.6.8 | 2004-08-14
9 | linux-2.6.9 | 2004-10-18
10 | linux-2.6.10 | 2004-12-24
11 | linux-2.6.11 | 2005-03-02
12 | linux-2.6.12 | 2005-06-17
13 | linux-2.6.13 | 2005-08-29
14 | linux-2.6.14 | 2005-10-28
15 | linux-2.6.15 | 2006-01-03
16 | linux-2.6.16 | 2006-03-20
17 | linux-2.6.17 | 2006-06-18
18 | linux-2.6.18 | 2006-09-20
19| linux-2.6.19 | 2006-11-29
20 | linux-2.6.20 | 2007-02-04
21 | linux-2.6.21 | 2007-04-26
22 | linux-2.6.22 | 2007-07-08
23| linux-2.6.23 | 2007-10-09
24 | linux-2.6.24 | 2008-01-24
25| linux-2.6.25 | 2008-04-17

Table 5 { kernel Snapshots.

Candidate | Minimum | Maximum
wget 26 27
gcc 1,010 1,023
kernel 3,626 5,679
Table 6 { Size of the test candidates given in KSLOC.
Candidate | Minimum | Maximum
wget 73 73
gce 1,929 1,978
kernel 12,432 19,464

Table 7 { Size of the test candidates given in number of source
les.
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Figure 22 { Percent of source les that changed per revision.
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It can be seen, that for wget and gcc 5% to 10% of the les change per
revision, although more than a month is betweenwget’s and just one week
betweengcc’s revisions. This indicates, that the time between revisionsis
not useful for drawing conclusions about how many les changeon average.
In contrast to the other two candidates, the kernel has on average around
30% of its les changed per revision. But the time between reisions is
much longer as with the other programs. Several months passdiween the
revisions of the kernel. Note, that these values are given atie granularity.
These numbers are to be kept in mind when drawing conclusionfom the
tests which are described in the following.

5.2 Testing Correctness

Before iClones’ performance can be evaluated, its results must be tested
for correctness. Two things must be given for saying thatiClones runs as
expected and produces correct results.

e The set of clone pairs, which is reported after each revisiog analysis,
must exactly match the set of pairs revealed byclones (Section5.2.1).

= The mapping of clone pairs between revisions must be corredh the
way that for each clone pair in each revision, the status tag isset
correctly (Section[5.2.2).

5.2.1 Correct Set of Clone Pairs

To show that iClones detects the correct set of clone pairs for each revision,
the pairs have to be compared to a set of reference pairs. Theseference
pairs are obtained by running clones on each revision separately. When
the respective pairs are compared to each other, no tolerarmcis permitted,
because pairs are detected based on the same de nition. Thest was run in
the following way: The rst step consisted of running clones on every single
revision of the three test candidate programs. The resultig clone pair sets
were saved in order to be compared later. ThenjClones was run on the
revisions of each candidate and the resulting set of clone i@ was also saved
for each revision separately. Figuré 23 shows how the set ofone pairs were
determined and which of them were compared against each otine

Having available the two clone pair sets for every revisionpne obtained by
the conventional approach and the other byiClones, these were compared
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[ Rev H clones H Pairs
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[ Rev H clones H Pairs n] = Pairs |

Figure 23 { Structure of how clone pair sets were compared
against each other. Revisions 0..n have once been analyzed in-
dividually by the conventional approach and then by iClones. The

resulting clone pair sets of each revision were checked for equality.

Pairs

e

against each other to ensure, that they contain exactly the ame clone pairs.
As the sets of pairs are comparatively huge, the comparison as done via a
script, that reads in the set of clone pairs, sorts them and des the actual
comparison. Still, the minimum length of clones had to be chsen di er-

ently for the three candidates, to limit the size of the sets and keep them
manageable for the script. The minimum clone length was seta 20 tokens
for wget, 100 tokens forgcc and 300 tokens for thekernel.

Table [8 shows the sizes of the clone pairs sets that have beehecked for
equality for each revision. It was not only checked whether he sets are of
the same size, but also if they contain exactly the same clonpairs. There
is only one value given for the conventional approach andClones, because
both reported the same number of clone pairs for every singleevision. Note,
that these numbers just indicate how many clone pairs have ben checked
for equality. Any further interpretation of these numbers among the three
test candidates is not possible, because di erent paramets to iClones were
used for each test candidate.

The comparison has been done as shown in Figufe 23 ari€lones reports
the same set of clone pairs for every revision aslones.

5.2.2 Correct Mapping

Knowing that iClones produces the same set of clone pairs is on its own
not enough to say that iClones works correct. What remains to be checked
is that the mapping of clone pairs from one revision to the nexis correct.
The mapping is correct, if the status tag for each clone pair esembles the
actions which have been done by the author between two reviens. However,
considering the ambiguity of changes described in Section3, it is impossible
to test whether the mapping is correct or not. Instead, it is checked whether
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Revision 0 1 2 3 4 5 6 7 8
wget 4246 4253 4256 4254 4256 - - - -
gce 297082 | 297089 | 297090 | 298011 | 298014 | 298089 | 298438 | 298430 | 298489
kernel 13362 | 13341 | 13881 | 13485 | 14013 | 14238 | 14040 | 14328 | 15022
Revision 9 10 11 12 13 14 15 16 17
gce 298490 | 300468 | 300463 | 300586 | 300601 | 300601 | 299321 | 299297 | 299610
kernel 15477 | 14749 | 14309 | 14451 | 17728 | 16710| 17361 | 18421 | 18538
Revision 18 19 20 21 22 23 24 25

kernel 18769 | 18017 | 19558 | 22002 | 20881 | 22220 | 25178 | 38142

Table 8 { The number of clone pairs found in every revision of the
candidate programs. clones and iClones report the same number
of pairs for each revision.

the mapping is senseful and re ects the most likely actions grformed by the
author.

Analogous to testing the correctness of clone pair sets, oneould think of
comparing the mapping to a reference mapping. HowevelKim et al. already
stated in their discussion about matching program elementsthat

“It is di Ccult to evaluate matching techniques because there is
no reference data set or archive of editing logs.” [KNOG].

Two kinds of tests have been done in order to get an indicatiorthat the
mapping produced by iClones is senseful. During development ofiClones,
around 50 small arti cial test cases have been created to tdswhether the
program works as expected. Because these test cases werefta@ by hand,
the expected result could be manually determined and formwdted. The
results produced byiClones were compared to the expected outcome in an
automated way. 15 of these test cases have been used for regg®n testing
throughout the development phase.

In addition to arti cial test cases, some clone pairs from a real world program
were tested. iClones was run on the three test candidate programs and
random samples have been selected from the resulting cloneip sets. These
samples have been manually checked for soundness. The refeat changes
of the pair were veri ed and adjacent clone pairs were checlgin order to be
sure, that the reported changes are senseful. The compleyitof this process
limited the number of samples that could be checked manually For every
candidate, ve random samples have been chosen, that repoed di erent
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combinations of changes. All samples were found to report aasrect and
senseful change of the respective clone pairs.

There is no doubt, that these test do not su ce to show that the mapping
produced by iClones is correct or at least every reported change is senseful.
For further research and drawing conclusions from the mappig, large-scale
automated tests are required. This could either be done by somehow for-
mulating when a change is assumed to be senseful, or by compag the
resulting mapping to some reference mapping. Kim et al., for example,
published results produced by theClone Genealogy Extractor [KSNMO5].
Problems are that these data are given in a completely di eret format and
further investigation is needed to say whether the mappingsare comparable
at all. The limited tests that have been performed do howeverindicate that
the mapping produced byiClones is correct and senseful.

5.3 Testing Performance

The main reason for developinglDA and implementing it in iClones is to
reduce the time consumption for clone detection in multiple revisions of a
program. This section answers Question [7 by comparing the péormance
of iClones to clones. This is not straightforward, as there are a number of
parameters which in uence the performance. The most signicant impact
on the performance is the number of clone pairs which are fouhand need
to be traced. To outline this in uence, every test is run twice. Once with a
relatively small and once with a relatively large number of done pairs com-
pared to the program's size. The amount of clone pairs founds regulated by
adjusting the minimum length for clone pairs. The same paraneters were
used forclones and iClones to make the results comparable.

The following sections present the test results for each oftte three test can-
didates. Figures show the time consumption split into the dierent phases
which are the following:

e Token/Construct : This phase includes tokenizing les which are
added as well as new versions of les which are modi ed. In adition,
any modi cation to the su x tree resulting from the changed les
contributes to this phase.

e Find : Within this phase, Baker’s algorithm is run to extract maximal
matches from the modi ed su x tree.

= Filter : Existing and potentially new clone pairs are ltered and th ose
that do not match the ltering criteria are discarded.
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e Match : Potentially deleted and potentially added clone pairs are
matched in order to nd changed clone pairs. This phase does ot
appear in the conventionalclones approach and is therefore not shown
in the respective gures.

e Other : This phase includes anything not included in any of the othe
phases.

5.3.1 wget

This section shows howlDA performs when run on the revisions ofwget,
managing just a few (Figure[24) and a large humber of clone pas (Figure
25). It can be seen, that the conventional approach needs atmd 700ms
for each revision with no signi cant di erence between the revisions. How-
ever, there is a noticeable di erence in the time needed byiClones for each
revision. Revision 0 takes more time to analyze in compariso to clones.
On the other hand, every following revision is analyzed muchfaster. They
only require 15% to 50% of the time needed bylones. Adding up the rst
two revisions for both approaches, the sum is already smaltefor iClones.
This means as soon as more than one revision is analyzeil;lones needs
less time than clones.

Another aspect one can observe is, that the time needed biClones to ana-
lyze a single revision is proportional to the percentage of les that changed
from the last revision. Comparing Figures 24b and 25b to Figue[22a, it can
be seen that the pattern among revisions 1 to 4 is the same.

T T T T T T
Token/Construct s Token/Construct s

10 | Find s | 101 Find s |
Filter mossssss Filter ssssess
Other m—— Match

08 | b 0.8 Other wwwm -

0.6 0.6

seconds
seconds

0.4 1 0.4

0.2 1 0.2

0.0 0.0

6 0 1 2 3 4 6
Revision Revision
(a) clones (b) iClones

Figure 24 { Performance comparison ofclones and iClones run
on the revisions ofwget. The minimum clone length was set to 40
tokens (= 4 LOC) resulting in around 600 clone pairs per revision.
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When the number of detected clone pairs is increased, the pigre stays
almost the same. Each phase needs a slightly increased amdtof time due
to the larger number of clone pairs that are processed. The tations among
the revisions do not change.

One more thought should be given to revision 3 ofwget. In this revision,
only two les have been modi ed. Observing Figures/24b and 25, the time
required to analyze this revision is almost completely indeed by running
Baker’s algorithm to nd new clone pairs. All other phases contribute only
marginally to the time consumption. This situation suggests, that the in-
tegration of IDA into an IDE and running the algorithm for every single
changed le is feasible.

T T T T T T
Token/Construct s Token/Construct s

10 - Find sesssss | 1.0 - Find meesss |
Filter s Filter mmm—
Other  m— Match

0.8 - b - Other wwm

0.6 -

seconds
seconds

04

0.2

0.0

Revision Revision

(a) clones (b) iClones

Figure 25 { Performance comparison ofclones and iClones run

on the revisions ofwget. The minimum clone length was set to
15 tokens & 1.5 LOC) resulting in around 15,000 clone pairs per
revision.

5.3.2 gcc

The second test candidate isgcc which is signi cantly larger than wget.

Looking at Figure 26, the same pattern as withwget can be observed. The
increased time usage for revision 15 results from a bug in theersion of
clones that was used for testing.

Analogous to wget, the analysis of the rst revision takes more time with
iClones than with clones. However, any other revision is processed much
faster. In comparison to wget, the ltering phase is more obvious, because
the size of the clone pair set is much larger. Apart from somexeeptions, the
time needed for ltering, is proportional to the overall tim e of the respective
revision. When comparing the overall time of each revision ¢ the percentage
of changed les from Figure[22b, similarities in the pattern can be detected.
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Figure 26 { Performance comparison ofclones and iClones run
on the revisions ofgcc. The minimum clone length was set to 200
tokens (= 20 LOC) resulting in between 10,000 and 30,000 clone
pairs per revision.
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Increasing the size of the clone pair set by reducing the mimhum length of
clone pairs results in a di erent picture. Observing Figure[27 it can be seen,
that the time needed for each phase except the matching phasicreases
slightly. On the other hand, the time usage of the matching phases rises
dramatically. This is due to the fact, that many more clones pairs need to
be matched against each other. However, the increase is notegendent on
the percentage of les changed, but rather on the number of @ne pairs, that
are a ected by the changed les. This can be seen by comparingevisions 7
and 15. Figure[22b shows that in revision 15 more than twice asnany les
changed than in revision 7, but still the matching phase of revision 7 takes
almost three times as long as the one of revision 15.

5.3.3 kernel

The third and last candidate on which iClones was tested is the Linux
kernel. Apart from being the largest program in terms of SLOC, the kernel
is di erent from the other two scenarios, because of having darge percentage
of its les changed per revision. Figure 28 shows how this inuences the time
consumption. In contrast to the other candidate programs, the rst revision
requires noticeably more time than with clones. Although the next few
revisions need less time withiClones in comparison to clones, every other
revision requires considerably more time. Instead of an ex@dnded matching
phase, the excessive time consumption results from an eloaged tokenizing
and construction phase. There are several reasons for this:

< In contrast to both other candidates, the kernel has a huge amount of
les changed for the later revisions. In addition, a noticeable amount
of les is added for each revision. Every new and modi ed le needs to
be tokenized, requiring a great share of the overall time. Cosidering
that around 35% of the source les are added or modied for eah
revision, 35% of the kernel’s source code needs to be tokenized for
each revision.

e The number of added, deleted and modi ed les is also resporible for
the time required to update the su x tree. The more changed | es
need to be processed, the more costly is the su x tree update.The
huge amount of changed les requires extensive modi cationof the
Su X tree.

e The linear growth of the kernel’s size is not to be neglected. Observing
Figure[22c, one can observe, that in every revision more leare added
than deleted. Starting from around 3,600,000 SLOC, thekernel’s size
increases to 5,600,000 SLOC. Needless to say, that the timeeaded
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Figure 27 { Performance comparison ofclones and iClones run
on the revisions ofgcc. The minimum clone length was set to 40
tokens (= 4 LOC) resulting in between 1,000,000 and 1,300,000
clone pairs per revision.
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to analyze a revision depends on the revision's size. This oaalso be
observed in conjunction with clones observing Figures 28a and 29a.

All three factors contribute to the increased time usage of he tokenizing
and construction phase. In contrast to the previous test cawlidates, the
extended matching phase does not carry as much weight as shavin Figure
29.

5.4 Summary

All three test candidates show, that independent of the numter of detected
clone pairs,iClones needs more time thanclones to analyze the rst revision

of a program. This overhead is caused by using multiple tokernables and a
generalized su x tree. Using multiple token tables requires two indirections
instead of a single one. Although this is just a minimal increase for a single
access, the intense usage of the token tables makes the ovedud noticeable.

Furthermore, the increased complexity of the su x tree contributes to the

increased time consumption. Maintaining the links for keepng edge labels
consistent is done, although only a single revision is to beraalyzed. Whether
this overhead is acceptable for analyzing a single revisionf a program de-
pends on the speci c application.

In addition to causing a calculation overhead, the extendeddata structures
causeiClones to require more memory than clones. This is due to internal
references, which on the one hand are required to assure castency, and on
the other hand allow faster processing. The bi-directional inks for keeping
edge labels consistent as described in Section 3.2.2 are axaeple for ad-
ditional references. The reference from an external node tthe clone pairs
which relate to this node is another one. Still, the memory casumption
is proportional to the size of the revision which is analyzed As everything
related to a speci c revision is discarded upon analyzing tle next revision,
no artifacts remain which could possibly lead to an increaseé memory con-
sumption with every new revision, independent of the revisbn's size.

Regarding the tests which have been presented in this thesisClones needs
around three times as much memory compared talones. When analyzing
revision 1 ofgcc, clones needs around 55M Byte, whereasiClones requires
1500M Byte. For analyzing revision 1 of the kernel, both tools require four
times as much memory compared to analyzingicc. There are two reason for
the increased memory consumption ofiClones. As mentioned above, data
structures have been extended to be reused. Additional refences and links
require more space. The other reason is, thaiClones cannot discard any
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Figure 28 { Performance comparison ofclones and iClones run
on the revisions of thekernel. The minimum clone length was set
to 300 tokens & 30 LOC) resulting in between 10,000 and 40,000
clone pairs per revision.
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Figure 29 { Performance comparison ofclones and iClones run
on the revisions of thekernel. The minimum clone length was set
to 200 tokens & 20 LOC) resulting in between 200,000 to 800,000
clone pairs per revision.
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data structures, because they are to be reused for the analissof the next
revision. clones can discard any intermediate data structures once they are
not needed any more. It does not hold all data structures in menory at
the same time. iClones on the other hand is not able to free memory by
releasing intermediate data structures. This leads to a naoceably increased
overall memory usage.
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6 Conclusion

This section interprets the evaluation results presented m the last section
and describes some thoughts for future development. Any carusions and
numbers are based on the tests that have been run and presemten this
thesis. Further evaluation is needed to verify that these numbers and conclu-
sions are generally valid. Section 6.1 draws conclusionsdim the test results
for the di erent phases of iClones. Part 6.2 summarizesIDA and Section
presents perspectives for future work. Finally, Sectin names some
possible applications forIDA and iClones.

6.1 iClones and its Di erent Phases

Section[5.3 showed, that no general statement can be made abibhow much
time iClones can save in comparison toclones. Di erent factors a ect the
time consumption of dierent phases and contribute to the overall time
usage. The following sections answer Questidn 8 by descriig which factors
a ect iClones’ phases.

6.1.1 Tokenizing/Constructing

The time needed for tokenizing depends on the amount and sizef les
that changed in the respective revision. The more SLOC the chnged les
contain, the more time is needed to parse the les and build tre token tables
for them. This is nothing special to iClones and the time contribution is
relatively low. However, iClones has an obvious advantage towardslones,
because it just needs to tokenize new and modied les, wheras clones
needs to tokenize all les of every revision.

The modi cation of the su x tree on the other hand, needs a lit tle more in-
vestigation. The test results showed, that this phase depetis on the number
of changes made for the current revision. There is a de nite ime advantage
of iClones towards clones if the percentage of changed les stays within a
limited range. Testing with wget and gcc showed, that with around 10% of
changed les, modifying the su x tree is noticeably faster t han rebuilding
the complete tree. On the other hand, when around 20% and moref the
les change, there is no obvious bene t in modifying the tree These num-
bers do however heavily depend on the system on which the progm is run
and the number of SLOC contained in the les.
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6.1.2 Finding Maximal Matches

The time needed to run Baker’s algorithm depends only on the size of the
su x tree and the number of clone pairs found. During the analysis of
multiple revisions and given that the program does not dramdically change,
the size of the su x tree stays almost the same, although les are added,
deleted and modi ed. This results in an almost constant time usage by
this phase. iClones needs 30% to 40% more time tharclones due to the
additional indirection caused by the use of multiple token tables and the
test whether edges are added or not.

6.1.3 Filtering

The time required for Itering depends on the size of the clore pair set
and the number of potentially new clone pairs extracted by the previous
phase. Like with tokenizing, the share of the overall time whch relates to
the Itering phase is fairly small. In most cases, iClones needs to lter less
pairs than clones, because the set of new clone pairs which are extracted
from the su x tree is smaller than the set of all clone pairs which needs to
be Itered by clones.

6.1.4 Matching

This phase has the most in uence on the overall time consumgbn of the
tool iClones. Similar to the construction phase, one might assume the tine
usage is proportional to the percentage of les changed. Hoewer, the time
in fact depends on the number of clone pairs which are a ectedby the
changed les. When many clone pairs for which at least one frgment stems
from a modi ed le are marked as deleted, the number of possilte matches
for potentially new clone pairs increases. Due to the quadréc complexity
of the matching algorithm, every new clone pair needs to be aopared to
more deleted clone pairs and the time usage rapidly increase

6.1.5 Other

This phase depends on the number of changes that are made. Asdontains
mostly preparations and clean-up actions, more changes lead a higher time
consumption. This phase becomes noticeable with an increasy number of
changes from one revision to the next, but still has limited n uence on the
overall time.
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6.2 Summary of Results

Within this thesis, the incremental clone detection approach IDA has been
presented. In contrast to conventional clone detection appoaches,IDA an-
alyzes multiple revisions of a program. The bene t comparedto separate
clone detection for each revision is, that intermediate daa structures can
be reused for the analysis of the next revision. This avoids ralyzing parts
of the source code again and again which do not change betweeavisions.
Using information about the les that changed from the previous to the
current revision, IDA modi es the token tables, the generalized su x tree
and the set of clone pairs to conform to the current revision. The result
produced by IDA is a set of clone pairs for each revision that is analyzed.

In addition to only creating independent sets of clone pairs a mapping is
created between the clone pairs of two consecutive revisien To make clone
pairs traceable across revisions, each clone pair is assggha unique ID. If

the clone pair is found in another revision, it is either unchanged, or some
kind of modi cations has happened to the clone pair. Possibé modi cations

are a change in location, a changed type or a structural changg Wherever
possible, changes to clone pairs are derived from the modiations that are

done to the su x tree.

Remaining clone pairs, whose changes could not be derivedofn the suf-
X tree, are subsequently checked for modi cations. New clme pairs are
matched with possibly deleted clone pairs in order to nd mod ed clone
pairs. This has to be done in a post processing step, becausteady slight
modi cations in a clone pairs token sequence inhibit conclaling the change
from the su x tree. After matching has been done, the changesthat hap-
pened to each clone pair are reported.

IDA has been implemented in the tooliClones. iClones is a derivation of
the tool clones from the Bauhaus project. iClones has been evaluated by
comparing its performance toclones.

6.2.1 iClones and clones

iClones needs considerably less time than the existing token-basedaroach
clones for analyzing multiple revisions of a program when less tharil0% of
the program's les changed between two revisions. Resultsi®ow that given
a limited amount of les that change per revision, iClones is already faster
in analyzing only two revisions. With any following revision, this advantage
becomes more and more explicit. How much time is saved compad to
clones depends mainly on the number of les that change per revision
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What could also be seen is, thatiClones requires noticeably more time to
analyze the rst revision of the program. This indicates, that clones has an
advantage when only a single revision of a program is to be arygzed.

Unfortunately, no large-scale tests could be run to verify, hat the mapping

between clone pairs produced byiClones is correct and senseful. Due to
the absence of benchmarks [KNO6], only limited test cases ol be used to
obtain an indication, that iClones’ results are correct and useful. Further
investigation is needed to solve this issue.

6.3 Future Research

During this thesis, some problems related tolDA and iClones have been
mentioned which could not be solved within this thesis. Thissection brie y

describes ideas that might help to improvelDA and iClones but could not

yet be considered. These will serve as a basis for future wordn IDA and
its implementation.

6.3.1 Testing the Mapping

The mapping between clone pairs created byClones could not be tested on
a large scale for correctness. To make the mapping usable armhse further
assumptions on it, the soundness of the mapping has to be veeid. This

could either be done by checking the mapping according to anditing log

or comparing it to reference data obtained by some other methd.

6.3.2 Rerunning Baker’s algorithm

Though running Baker’s algorithm is comparatively fast, there is still room
for improvement. If it was known, that large sub-trees of the s x tree do
not contain any new edges and due to the length criteria cannbform new
clone pairs, these sub-trees could be left out by the algoritm. However,
one has to make sure that the overhead for managing the inforition which
sub-trees contain new edges, does not exceed the time whichrcae saved
by leaving out portions of the tree.
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6.3.3 Parameterized Detection

In its current version, IDA supports the detection of unparameterized clone
pairs. IDA might be extended to allow parameterized clone detection,eveal-

ing only type-2 clone pairs with consistent changes. This regires combining

the concepts of parameterized strings and generalized su xtrees. The im-

pact of removing or adding a parameterized string to on the p arameterized
generalized su x tree must be investigated. If the impact stays in a limited

range, parameterized clone detection can be integrated it IDA.

6.3.4 Saving Intermediate Results

iClones still needs a considerable amount of time to produce its redts,
although large improvement has been made compared tclones. As new
revisions become available, it might be rather painful to sart analyzing
everything from the very beginning. One could think of o ering a facility,
that can store the internal state of iClones and its data structures on disk.
Whenever new revisions become availableiClones could reload this state
and proceed from where it stopped last time.

6.3.5 Develop a Customized Output Format

Current output formats implemented in clones and iClones are not designed
for saving information about clone pairs across multiple revisions. This leads
to a lot of data being represented redundantly. One could thnk of a new
format for saving information about clone pairs, which tries to eliminate this
redundancy and leads to a signi cantly smaller le size.

6.3.6 Finding Split Clones

A change that can likely happen to a clone pair is, that one ofis fragments is
split because tokens are insertedl DA reports only situations as a structural
change where the same tokens have been inserted into both fyments. If
however di erent tokens are inserted, or the insertion takes place at di erent
locations, this is not recognized byIDA. E ort could be spent on nding
and reporting these situations.

77



6.3.7 Sophisticated Distance Function

The distance function currently used by IDA to determine how likely a clone
pair is the modi cation of another pair is not optimal. Furth er e ort is to

be spent on nding a function whose output resembles more theauthors
actions. The time constraint is however to be kept in mind. The function
should require constant or at most linear time.

6.3.8 Using Parallel Processes

To speed up the matching phase,IDA could be extended in order to use
parallel processes. As every clone pair is just contained ia single set and
the sets are processed independently, the work could be delated to more
than one processor.

6.3.9 Detailed Information About Changes

Probably the most promising improvement would be considenmg changes
based on lines or even tokens instead of les. This would moslikely not

accelerate the modi cation of the su x tree, but allow for mu ch more precise
information about modi cations of fragments. Knowing that the lines of a
fragment did not change, no structural or type modi cation ¢ an wrongly be
reported for the respective clone pair.

Additionally, time can be saved by the extra information, because clone pairs
whose fragments are not changed, do not need to be checked fsiructural
and type modi cation. The calculation of the location modi cation would
also be straightforward.

One could also think of reusing token tables of changed lesBased on the
information which lines of the le changed, only parts of the token table
would need to be updated.

6.4 Applications for IDA

There are two applications of IDA envisioned. One is integratingIDA into
an IDE to do \on-line" clone detection. The other is to aid in in vestigating
the evolution of clones.
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Integrating IDA into an IDE allows the user to get up-to-date information
about clones. IDA runs as a background process and holds the token tables,
the su x tree and the set of clone pairs for the program that th e user edits.
When the user modi es a le of the program, the new state of the program
is assumed to be a new revision of the program with a single lechanged.
This new revision will be processed as described in this thes IDA does not
require a lot of time processing the revision, consideringtiat only a single
le has changed. IDA’s results inform the user about how and which of the
clone pairs were a ected by his actions.

The other possible application of IDA is to assist in investigating the evo-
lution of clones. Clones can be detected for multiple revigins of a program
requiring less time than separate clone detection for eachewision. By us-
ing the mapping that IDA produces, the lifetime of each clone pair can be
retrieved. Starting from simple questions like

e What is the average lifetime of a clone pair?
e How many clone pairs are added and how many deleted per revimn?

= How often is the structure of a clone pair changed?

diverse quantitative and qualitative analyses can be run usig IDA’s results.
After all, understanding the evolution of clones will contribute to answering
the question if clones are to be considered harmful or not.

79



80



A Supplying Data to  iClones

For searching clone pairs in di erent revisions of a program iClones needs
access to the source code of every revision which is to be agaéd. iClones
expects a single directory which contains one subdirectoryor each revision
of the program. Because directories are processed in alphamerical order,
the naming scheme should re ect the order in which the revisons are to be
analyzed.

In addition to the source code for each revision,iClones needs a list of
changes which happened from the last revision to the currenbne. These
changes need to be summarized in a le nameahanges, which must be
located in the top-level directory of each revision. Note, that the rst re-
vision does not need such a le, because every source code ig assumed
to be added. Figure 30 shows the scheme for the directory staiure. The
directory base is passed as an argument taClones.

base
1 1 1 1
rev 0 rev 1 . rev n
changes Cet changes st changes

Figure 30 { Scheme for the directory structure which is expected
by iClones.

As stated above, changes are supplied in a le callecchanges for every
revision. The format of this le follows the format used by subversion@, for
example when running the commandsvn status . Each line represents a
change to one single le. A line consists of a character iderifying the type
of the change and the path to the le which has been changed retive to the
revisions top-level directory, separated by a space charaet. The following
changes are supported.

e A Indicates, that the respective le has been added in this reision.

e D The corresponding le has been deleted in this revision.

®http://subversion.tigris.org/
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e M The le has been modi ed between the last and the current revsion

Lines starting with the # character are ignored and can be used for com-
ments. The order in which changed les are given is not imporant, as every
change is processed on its own. A sample le is shown in Figurgl.

# Comments are ignored
M src/util/serializer.c

M src/main/main.c

A srclutil/printer.h

A src/util/printer.c

Figure 31 { A sample le, containing information about changes.

Storing all les of every revision requires huge amount of dék space, espe-
cially for large programs. iClones actually only needs the les which have
changed in the current revision. All other les are ignored and therefore do
not need to exist. Note, that the changed les still need to befound under
the same directory path. Collecting all changed les in a sirgle directory is
not supported by iClones.
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B Extended Output Format

Several formats exists in which information about clone pais and clone
classes can be presented to a user. Unfortunately, all forms supported by
clones are designed for a set of clones found in a single revision dfié pro-
gram. The need for a new format that can represent clones aces revisions
has been mentioned in Section 6.3.5. CurrentlyjClones extends one of the
formats used by clones.

One of the formats to describe clone pairs is theclone pair format (cpf).
The format carries the following information about each clne pair. The
two fragments of the clone pair are each speci ed by thdfile, start line and
end line in which the fragments appears. In addition, the type of the pair
and its length in tokens as well as in lines is given. A small samplepf is
given in Figure[32.

test/single/1.c
test/single/2.c
test/single/1.c
test/single/2.c

test/single/2.c
test/single/3.c
test/single/2.c
test/single/2.c

N R W
WN AN
ANRER D
gw N O
RPN R R
NN NN
NN NN

Figure 32 { Sample output of clone pairs in the cpf. Each line
contains the le, start and end line of the rst fragment, le start
and end line of the second fragment, the type and the length in
lines and tokens of the clone pair.

Unfortunately the format is not distinct enough to embody all information
produced by iClones. Two extensions have to be made to the format in
order to be useful foriClones. First, each clone pair is given a unique ID.
This is important in order to trace a clone pair across revisons.

The second extension is a status tag for each pair describingghich changes
happened to the clone pair from the last to the current revisbn. Together
with its ID, the nature of the change can be obtained. Currenty, the fol-

lowing status tags are used byiClones.

e +. The clone pair has been added in this revision. It was not preent
in the previous revision.

e -: The clone pair has been deleted. It was present in the last rgsion
but does no longer exist.

e T. The location of at least one of the fragments from the clone pir
has changed in terms of tokens.
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L: Same asT using lines instead of tokens.

Y: Indicates, that the type of the clone pair has changed.

S. A structural modi cation happened to the fragments of the clone
pair.

If no tag is given, the clone pair has not changed in any way frm the
last to the current revision.

Note, that T, L, Y and S can appear in any arbitrary combination.

A sample output of iClones in the extended cpf for a single revision is
shown in Figure[33. Note, that the second pairs' fragments st relate to

rev0, because the pair has been deleted and is not found irevl. Every
pair that is removed has to be reported as deleted in the sucasive revision,
because during the analysis of the last revision in which thegair is contained,
it cannot be known that the pair will be deleted.

1 test/multi/revl/l1.c 1 2 test/multi/revl/2.c 4 5 1 2 2 TL
2 test/multi/rev0/2.c 3 4 test/multi/rev0/3.c 1 2 1 2 2 -
3 test/multi/revl/l.c 1 2 test/multi/revl/2.c 2 3 2 2 2

4 test/multi/revl/2.c 2 3 test/multi/revi/2.c 4 5 1 2 2 +

Figure 33 { Sample output of clone pairs in the extended cpf.
Each line contains the ID, le, start and end line of the rst frag-
ment, le start and end line of the second fragment, the type, the
length in lines and tokens and the modi cation tag of the clone
pair.

Other output formats are currently not supported, but could be extended
in a similar fashion.
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